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Preface

Abstract

Stochastic processes are widely used for modeling and nowadays, in many applica-
tions, data is observed very frequently. That makes it necessary to have statistical
procedures in order to deal with functionals that are based on these high frequency
observations. A particular example comes from finance, where for instance prices
of stocks are recorded frequently. Under some type of no-arbitrage conditions it is
further known that those price processes must be semimartingales (see [2]).

In this dissertation U- and V-statistics of high frequency observations of such
semimartingales are investigated. Those types of statistics are classical objects in
mathematical statistics and are widely used in estimation and test theory. In the
case that the underlying semimartingale is continuous a functional law of large
numbers and central limit theorem are presented. The main tools that are used
in the derivation of the theory is the empirical process approach for U-statistics
(see [1]) and a general stable central limit theorem for sums of triangular arrays
(see [3]). The results are then generalized to the case where the semimartingale is
discontinuous. There however, the asymptotic theory is more sophisticated because
it heavily depends on the kernel function of the U-statistic. This leads to several
different types of limiting processes.

Resumé

Stokastiske processer anvendes i mange sammenhaenge til modellering af tilfeeldige
feenomener over tid og i mange nutidige anvendelser observeres data ofte med hgj
frekvens. Dette ngdvendigggrer statistiske procedurer, som kan behandle funktioner
af disse hgjfrekvente data. Prisen paaktier kan nsevnes som et konkret eksempel pé-
sadanne data. Det er yderligere kendt, at under visse antagelser om ingen arbitrage,
madisse priser veere semimartingaler (se [2]).

I denne afhandling studeres U- og V-statistik for hgjfrekvente observation fra
disse semimartingaler. Disse statistikker er klassiske elementer i matematisk stati-
stik og anvendes ofte inden for estimations- og testteori. Der vil blive praesenteret
en store tals lov og en central greenseveerdisaetning for funktionaler i tilfseldet, hvor
den underliggende semimartingal er kontinuert. Hovedredskabet som anvendes til
udledningen af teorien er den empiriske process tilgang for U-statistikker (se [1]) og
et generel stabilt central greenseveerdiseetning for summer af uafthasengige trekant-
skemaer (se [3]). Disse resultater generaliseres til situationen, hvor semimartingalen
er diskontinuert. I denne situation bliver den asymptotiske teori mere sofistikeret,
da den i hgj grad athsenger af kernefunktion af U-statistikken. Dette leder til flere
forskellige typer af graenseprocesser.
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Introduction

The purpose of this section is to give an introduction to the main objects and prob-
lems that appear in this dissertation. In the first section we give a short overview
on semimartingales. We further discuss It6 semimartingales, which is a certain sub-
class of semimartingales, and provide the so-called Grigelionis decomposition for
this type of processes. In the second section we introduce the notion of U- and
V-statistics and briefly describe the empirical process approach, which is used in
this thesis in order to derive an asymptotic theory. In the last section we define
what we mean by U- and V- statistics for semimartingales in the high frequency
setting. Further we indicate what the main results of this dissertation are and how
they are related to the literature.

1.1 Semimartingales

In this section we will introduce the class of processes that is studied in this dis-
sertation. For this let (Q, F, (F¢)t>0,P) be a filtered probability space that fulfills
the usual assumptions. A stochastic process (M;):>o that is defined on this space
is called a local martingale with respect to the filtration (F;)i>o if there exists an
increasing sequence (7, )nen of stopping times such that 7;,, — oo almost surely and
such that the process (MiaT, )t>0 is a martingale with respect to (F¢)¢>o for each
n € N. We say that a function g : R — R is of finite variation on the interval [0, ¢]
for t > 0 if

n
S%PZ lg(ti) — g(ti—1)| < o0,
i=1

where n € N and the supremum runs over all partitions P = {tp,...,t,} of [0,¢]
withO=tyg <t1 <---<t, ="t
A process (X¢)¢>0 is called semimartingale if it has a decomposition

Xi=Xo+ Mg+ A, t>0,

where Xy is Fp-measurable, (M;);>0 is a local martingale with respect to (F¢)¢>0
and (A¢)e>0 is adapted, cadlag and pathwise of finite variation on [0, ¢] for all ¢ > 0.
We further require that My = Ay = 0.

We are interested in a certain type of semimartingales, the so-called It6 semi-
martingales. In order to state their definition we need to introduce the character-
istics of a semimartingale. To do this we first define the jump measure p* that is
associated to X by

pX (w,dt,dr) = T{Ax,£0)€(5,0X, (w)) (dE, d2),

1



2 Introduction

where €, is the Dirac measure that puts mass 1 tou € Ry xR and AXy = X, — X,
stands for the jump size of X at time s. We denote the compensator of uX by vX.
In terms of those random measures the semimartingale X has a decomposition

X =Xo+ B+ X+ (@lgy<ay) * (0 —vX) + (@lqgsny) * 15,

which is known as Lévy-It6 decomposition (see [14]). Here X¢ is a continuous lo-
cal martingale and B a process of locally finite variation. The last two terms in
the decomposition stand for stochastic integrals. For a random measure v and an
optional function f on 2 x R4 x R the stochastic integral process f * ~ is defined
by

/ f(w, 8, 2)y(w, ds, dz),
[0,¢] xR

whenever the integral exists. We remark that

(L {ja>1y) * Hi = Z [AX |1 gax,>1)

s<t

is the sum of the jumps of size bigger than 1, which are only finitely many. Since
the jumps of a semimartingale do not need to be absolutely summable, the small
jumps are compensated and expressed in the (purely discontinuous) martingale
(2l yjg<1y) * (X — vX). Given the Lévy-Itd6 decomposition the characteristics of
the semimartingale X are defined to be the triplet (B, C,v%), where B and vX are
given above and C is the quadratic variation of X¢. When those characteristics are
absolutely continuous with respect to the Lebesgue measure, i.e.

t t
B = / bsds, Cp = / o2ds, I/X(w,dt,dx) = dtF}(w, dz),
0 0

where (bs)s>0 and (0)s>0 are stochastic processes and Fi(w,dx) is a measure on
R for fixed (w,t), then X is called It6 semimartingale. In particular Lévy processes
are also It6 semimartingales. Because of this special structure Ité6 semimartingales
can be written in the form

t t
X, =Xo+ / bsds +/ osdWy + (2Ljz1<1y) * (07X = ) + (@lqps1y) * 17
0 0

where W is a standard Brownian motion. For some technical reasons a slightly
different decomposition will be used. It is generally possible (see [13]) to replace
the jump measure ;X by a Poisson random measure p and the compensator vX by
the compensator q of the Poisson random measure, which is given by q(dt,dz) =
dt ® A(dz) for some o-finite measure A on R. What changes then is that x has to
be replaced by some predictable function § : Q x Ry x R — R. Finally X can be
represented as

t t
X, = Xo +/ bsds +/ osdWs + (01q5<13) * (p — )¢ + (0L 5>13) * pe-
0 0

This decomposition is known as Grigelionis decomposition.
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1.2 U- and V-statistics

The introduction of U-statistics goes back to Hoeffding in [10], whose work is partly
based on a paper by Halmos [8]. The interest in U-statistics is mainly due to its great
importance in estimation theory. In the classical setting of i.i.d. data U-statistics
form a large class of unbiased estimators for certain parameters of the underlying
distribution. More precisely a U-statistic of order d based on a sequence of i.i.d.
real-valued random variables (X} )ren that live on a probability space (£2, F,P) is

defined as .
n
U, = <d> > HXi, ... Xiy),

1<i1 < <ig<n

where the kernel function H : R — R is generally assumed to be symmetric.
Clearly U, is an unbiased estimator for

0 =E(H(X1,...,Xq)),

whenever the expectation exists and is finite. The estimator is also optimal in the
sense that it has the smallest variance among all unbiased estimators of 6. Simple
examples for quantities that can be estimated by U-statistics are of course the
sample mean and the sample variance. In the case d = 2 we can use H(z,y) = |z —y|
as a kernel function, which is known as Gini’s mean difference and serves as a
measure of concentration of the distribution of X;. Another famous example is the
so-called Wilcoxon statistic, which uses H(z,y) = l{,<,} as a kernel function (see
[17]). In manuscript A we will come back to those examples in our setting.

Closely related to U-statistics are V-statistics, which were first investigated by
von Mises [18]. By a V-statistic of order d we mean a statistic of the type

1
Vnzﬁ Z H(Xiw""Xid)’

1<in,..ig<n

where H : R? — R is again some kernel function. In some situations (like e.g. in
manuscript A) the summands for which not all indices are different, are asymptot-
ically negligible and hence both U- and V-statistics result in the same asymptotic
theory. Besides their importance for estimation theory both types of statistics are
also used for testing. Since in many situations the exact distributions of U, or
V,, are unknown it is reasonable to develop at least asymptotic tests in such sit-
uations which requires to have a law of large numbers and an associated central
limit theorem. Even in the given setting of i.i.d. random variables X} this is not
straightforward. A first solution to this problem was given by Hoeffding who used
the well-known Hoeffding decomposition. Since then various approaches like Her-
mite expansion (see |5, 6]) or empirical process theory (see [2|) have been proposed
to give an asymptotic theory under weaker assumptions on (Xj)xen. For example
results are given in the situation where the underlying data inherits some weak
dependence (|3, 7]) or long range dependence (see [5, 6]).

For our purpose the empirical process approach seems to be most suitable and
we therefore shortly describe what is meant by this. We can always write the a
V-statistic as

Vo = H(zy,...,2q9)Fy(dzy) ... Fy(dzy),
R4



4 Introduction

where
1 n

denotes the empirical distribution function of the underlying data. We know that
this function converges almost surely in the uniform topology to the distribution
function F' of X7. Often it possible to deduce

Vi —V = [ H(xy,...,xq)F(dxy) ... F(dzg)
Rd
from this. Assume that we also have a central limit theorem for the empirical
distribution function of the form \/n(F, — F) —— G for some random variable
G, which is typically some Brownian bridge in the i.i.d. case. We then use the
decomposition

d k-1 d
ViVa=V) =3 | s V(B e~ Fdzo) [ Futde) T] P,
o i=1 i=k+1

Knowing the results for the empirical distribution function and assuming the H is
symmetric, it is then sometimes possible to deduce

ViV, - V) < d » H(xy,...,2q)G(dx1)F(dzs) ... F(dzg)

for the V-statistic.

1.3 High Frequency Data and Stable Convergence

We generally assume that we observe an [t6 semimartingale X on a finite time
interval [0, 7] at high frequency. This means we observe the data

Xi/n, ZZO,,LTLTJ

and we are interested in the case n — oo, which is also known as infill asymptotics.
In the literature many statistics have been investigated in this setting. Two of the
most important ones are given by

[nt)

VLX) == S F(VRATX), (1)
i=1
[t
VLX) = Y FATX), (1.2
=1

where f : R — R is some sufficiently smooth function, 0 < ¢ < T and A?X =
Xim — X(i—1)/n- An asymptotic theory (law of large numbers and central limit
theorem) for those statistics under various assumptions is provided by Jacod in
[12]. Generally V (f, X)} is used if X is continuous because the order of AI'X is
n~1/2 and hence v/n is the right scaling in the function f. For discontinuous X
the analysis is more complicated. This is mainly due to fact that increments of the
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jump and continuous part of X are of different order and hence the choice of the
statistics depends on the function f. For instance, let f(z) = |z[P. If p > 2 one
uses V/(f, X)? and only the jump part of X appears in the limit. For p < 2 one
considers V' (f, X) and the limit is dominated by the continuous part of X. If p = 2
both statistics coincide and both the continuous and the jump part of X appear in
the limit.

In the literature many other statistics of similar type have been investigated. See
for example [1] for bipower variation or [15] for truncated power variation, which
basically deal with the estimation of certain functionals of the volatility (os)s>0
in the presence of jumps. In [9] the authors considers statistics that are based on
multidimensional It6 semimartingales that are observed at high frequency, but with
non-synchronous observations times. Many of those cases were by now also extended
to the situation that only a noisy version of X is observed (see e.g. [16, 4]).

What essentially all the statistics have in common is that the distribution of the
limiting process in the central limit theorem is, at least in all cases that are relevant
for applications, mixed normal. This means in general we have limit theorems of
the type L,, — L, where the random variable L is mixed normal, that is it can be
written as L = UV, where U > 0 and V are independent random variables and
V ~ N(0,1). In general the law of U is unknown, what makes the central limit
theorem infeasible in the given form. Usually it is however possible to consistently
estimate U by some estimator U,,. If the mode of convergence in the central limit
theorem is only weak convergence, then, of course, we cannot automatically deduce
the feasible standard central limit theorem L,, /U, LN (0,1). This implication is
however true if the convergence L,, — L is stable.

We say that a sequence (Z,,)nen of random variables defined on a probability
space (£, F,P) with values in a Polish space (E,E) converges stably in law to a
random variable Z that is defined on an extension (', 7', ') of (€2, F,P) and takes
also values in (F, ), if and only if

E(f(Z,)Y) — E(f(Z2)Y) as n— oo

for all bounded and continuous f and bounded, F-measurable Y. We write Z,, ——
Z for stable convergence of Z,, to Z. The main theorem that is used in the high
frequency setting in order to proof stable central limit theorems is provided by
Jacod in [11].

The aim of this thesis is to develop an asymptotic theory for U- and V-statistics
when the underlying data comes from an It6 semimartingale X that is observed
at high frequency. More precisely we are interested in the asymptotic theory of
statistics of the type

Y H(RALX,.RATX, AT X, ALX)

nt l 141
1<i1,eenyig<|nt]

for some 0 < | < d. Clearly this generalizes results from [12] for the statistics
defined at (1.1) and (1.2). The main problem here is to deal with the dependency
structure of the multiple increments, which makes it impossible to directly apply
the techniques that can be found in the literature.

In manuscript A we deal with the case that [ = d and X is a continuous It6 semi-
martingale. The method employed in the proofs is a combination of techniques that
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were developed in the high frequency setting and the empirical process approach
for U- and V- statistics that was discussed in the previous section. In manuscript
B the underlying process is a discontinuous Itd semimartingale and the asymptotic
theory developed in manuscript A for [ = d is generalized to this setting. The case
I = 0, in which the limiting distribution is dominated by the jump part, is also
treated separately. Afterwards both results are combined to obtain a law of large
numbers and a central limit theorem for general [.
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This paper presents the asymptotic theory for non-degenerate U-statistics
of high frequency observations of continuous Itd semimartingales. We
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A.1 Introduction

Since the seminal work by Hoeffding [15], U-statistics have been widely investi-
gated by probabilists and statisticians. Nowadays, there exists a vast amount of
literature on the asymptotic properties of U-statistics in the case of independent
and identically distributed (i.i.d.) random variables or in the framework of weak
dependence. We refer to [23| for a comprehensive account of the asymptotic theory
in the classical setting. The papers [4, 5, 11] treat limit theorems for U-statistics
under various mixing conditions, while the corresponding theory for long memory
processes has been studied for example in [9, 14]; see [16] for a recent review of
the properties of U-statistics in various settings. The most powerful tools for prov-
ing asymptotic results for U-statistics include the classical Hoeffding decomposition
(see e.g. [15]), Hermite expansions (see e.g. [9, 10]), and the empirical process ap-
proach (see e.g. [3|). Despite the activity of this field of research, U-statistics for
high frequency observations of a time-continuous process have not been studied in
the literature thus far. The notion of high frequency data refers to the sampling
scheme in which the time step between two consecutive observations converges to
zero while the time span remains fixed. This concept is also known under the name
of infill asymptotics. Motivated by the prominent role of semimartingales in mathe-
matical finance, in this paper we present novel asymptotic results for high frequency
observations of It6 semimartingales and demonstrate some statistical applications.

The seminal work of Jacod [17| marks the starting point for stable limit theorems
for semimartingales. Stimulated by the increasing popularity of semimartingales as
natural models for asset pricing, the asymptotic theory for partial sums processes of
continuous and discontinuous It6 semimartingales has been developed in [2, 18, 22];
see also the recent book [20]. We refer to [25] for a short survey of limit theorems for
semimartingales. More recently, asymptotic theory for It6 semimartingales observed
with errors has been investigated in [19].

The methodology we employ to derive a limit theory for U-statistics of contin-
uous Itd6 semimartingales is an intricate combination and extension of some of the
techniques developed in the series of papers mentioned in the previous paragraph,
and the empirical process approach to U-statistics.

In this paper we consider a one-dimensional continuous It6 semimartingale of
the form

t t
Xi==x —|—/ asds + / osdWs, t >0,
0 0

defined on a filtered probability space (2, F, (Ft)t>0,P) (which satisfies the usual
assumptions), where z € R, (as)s>0, (05)s>0 are stochastic processes, and W is a
standard Brownian motion. The underlying observations of X are

X, i=0,...,[nt],

and we are in the framework of infill asymptotics, i.e. n — oco. In order to present
our main results we introduce some notation. We define

A(d) = {3 = (i1, ..., ig) €N |1 < iy <ig < -+ < ig < [nd]},

Zs = (Zsy,-. ., Zs,), s € RY,
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where Z = (Z;)icr is an arbitrary stochastic process. For any continuous function

H :R? — R, we define the U-statistic U(H)} of order d as
-1
n __ n n
o= (1) X H(AaLx) (A1)
i€ AL (d)

with A?X = X;/,, — X(;_1)/n- For a multi-index 7 € N¢, the vector ¢ — 1 denotes the
multi-index obtained by componentwise subtraction of 1 from %. In the following

we assume that the function H is symmetric, i.e. for all x = (z1,...,24) € R?
and all permutations 7 of {1,...,d} it holds that H(wz) = H(z), where mx =
(l'ﬂ.(l), ooy xﬂ(d)).

Our first result determines the asymptotic behavior of U(H)}:

U(H)" 2 U(H), = / po. (H)ds,
0.

u.c

where Z" 4 7 denotes uniform convergence in probability, that is, for any
T > 0, supyefo gy |28 — Zi) — 0, and

Pos(H) == /Rd H(osut,...,05,uq)pq(uw)du (A.2)

with ¢4 denoting the density of the d-dimensional standard Gaussian law Ny (0, I).
The second result of this paper is the stable functional central limit theorem

Vn(U(H)" = U(H)) = L,

where —— denotes stable convergence in law and the function H is assumed to
be even in each coordinate. The limiting process L lives on an extension of the
original probability space (2, F, (F¢)e>0,P) and it turns out to be Gaussian with
mean zero conditionally on the original o-algebra F. The proofs of the asymptotic
results rely upon a combination of recent limit theorems for semimartingales (see
e.g. |17, 20, 22]) and empirical processes techniques.

The paper is organized as follows. In § A.3 we present the law of large numbers
for the U-statistic U(H)}. The associated functional stable central limit theorem
is provided in §A.4. Furthermore, we derive a standard central limit theorem in
§ A.5. In § A.6 we demonstrate statistical applications of our limit theory including
Gini’s mean difference, homoscedasticity testing and Wilcoxon statistics for testing
of structural breaks. Some technical parts of the proofs are deferred to § A.7.

A.2 Preliminaries

We consider the continuous diffusion model
t t

Xi==x —I—/ asds +/ osdWs, t>0, (A.3)
0 0

where (as)s>0 is a caglad process, (05)s>0 is a cadlag process, both adapted to the
filtration (F)s>0. Define the functional class C’;;(Rd) via

kRdy .— . Rd k(md —
Cp(RY) :={f:R* = R| f € C"(R?) and all derivatives up to order k

are of polynomial growth}.
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Note that H € Cg(Rd) implies that p,,(H) < oo almost surely. For any vector
y € R? we denote by ||y its maximum norm; for any function f : R? — R,
| fllcc denotes its supremum norm. Finally, for any z # 0, ®, and ¢, stand for
the distribution function and density of the Gaussian law A(0, 22), respectively; ®
denotes the Dirac measure at the origin. The bracket [M, N| denotes the covariation
process of two local martingales M and N.

A.3 Law of large numbers

We start with the law of large numbers, which describes the limit of the U-statistic
U(H)} defined at (A.1). First of all, we remark that the processes (as)s>0 and
(0s—)s>0 are locally bounded, because they are both caglad. Since the main results
of this subsection (Proposition A.2 and Theorem A.3) are stable under stopping,
we may assume without loss of generality that:

The processes a and ¢ are bounded in (w,t). (A.4)

A detailed justification of this statement can be found in |2, § 3|.

We start with the representation of the process U(H)} as an integral with
respect to a certain empirical random measure. For this purpose let us introduce
the quantity

aj = \/ﬁO’j%A?W JjeN, (A.5)

which serves as a first order approximation of the increments \/TLA?X . The em-
pirical distribution function associated with the random variables (a?)lgjg[nt] is
defined as

[nt]
1
Fo(t,2) =~ > Liar<s}y, T E€R, t20. (A.6)
j=1

Notice that, for any fixed t > 0, Fy(t,-) is a finite random measure. Let U(H)? be

the U-statistic based on «’s, i.e.

The functional U;"(H) defined as

UMH) = » H(x)F®4(t, dx), (A.8)

where
F2U(t, dx) := F,(t,dxy) - - Fy(t,dzy),

is closely related to the process (7(H )7 in fact, if both are written out as mul-

tiple sums over nondecreasing multi-indices then their summands coincide on the
set AP (d). They differ for multi-indices that have at least two equal components.
However, the number of these diagonal multi-indices is of order O(n9~1). We start
with a simple lemma, which we will often use throughout the paper. We omit a
formal proof since it follows by standard arguments.
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Lemma A.1. Let Z,,7Z : [0,T] x R™ — R, n > 1, be random positive functions
such that Z,(t,-) and Z(t,-) are finite random measures on R™ for any t € [0,T].

Assume that
Zn(7w) ‘1C—P> Z(,.’I}),

for any fived x € R™, and supyc(o 1) zerm Z (L), SUDe(o 1),0erm Zn(t, @), 1 > 1,
are bounded random variables. Then, for any continuous function @ : R™ — R with
compact support, we obtain that

Q@) Zn (- dz) —= | Q(=)Z(-,dz).
R™ R™

The next proposition determines the asymptotic behavior of the empirical dis-
tribution function F),(t,z) defined at (A.6), and the U-statistic U/™(H) given at
(A.8).

Proposition A.2. Assume that H € Cg(Rd). Then, for any fived x € R, it holds
that
t
Fo(t,z) =25 F(t,x) := / O, (z)ds. (A.9)
0
Furthermore, we obtain that

UM(H) 2 U(H), = / po. (H)ds, (A.10)
0.4)¢

where the quantity p,,(H) is defined at (A.2).

Proof. Recall that we always assume (A.4) without loss of generality. Here and
throughout the paper, we denote by C a generic positive constant, which may
change from line to line; furthermore, we write C), if we want to emphasize the
dependence of C' on an external parameter p. We first show the convergence in
(A.9). Set &7 := n_lﬂ{agng}. It obviously holds that

4] [nt]

1 u.c.p.
ZE[E}W}‘%] = > @, (x) 2 F(t,x),
j=1 j=1 "

for any fixed x € R, due to Riemann integrability of the process ®,. On the other
hand, we have for any fixed x € R

[nt] [nt]

N 1
S E[GPIFm] = 5> @, (@) S0,
j=1 =t "

This immediately implies the convergence (see [20, Lemma 2.2.11, p. 577])

[nt] [nt]

Fu(t,2) = 3B 1Fm] = 3 (& ~ BlgIFia]) 2220,
=1

J=1

which completes the proof of (A.9). If H is compactly supported then the conver-
gence in (A.10) follows directly from (A.9) and Lemma A.1.
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Now, let H € Cg(Rd) be arbitrary. For any & € N, let Hy € C’S(Rd) be a
function with Hy = H on [k, k]? and Hy = 0 on ([—k — 1,k + 1]%)¢. We already
know that

U™(Hy) == U(Hy),

for any fixed k, and U(Hy) —= U(H) as k — oo. Since the function H has
polynomial growth, i.e. |[H(x)| < C(1 + ||x]|%) for some ¢ > 0, we obtain for any
p>0

E[|H (af)["] < GE[(1 + [[of )] < Gy (A.11)

uniformly in ¢, because the process o is bounded. Statement (A.11) also holds for
Hj,. Recall that the function H — Hj, vanishes on [k, k‘]d. Hence, we deduce by
(A.11) and Cauchy-Schwarz inequality that

E[ sup |U"(H — Hy)l]
te[0,7]

-1
n 1/2
< C<d> S (Ellgay i o+ Lgazen))

1< ,..yig<[nT)

<Cr sup (E[l— <I>(,-5(k)})1/2 —0
s€[0,T
as k — oo. This completes the proof of (A.10). O

Proposition A.2 implies the main result of this section.

Theorem A.3. Assume that H € C3(R?). Then it holds that
UGH)} =25 UH) = [ po,(H)s, (A.12)
[0,2]%

where the quantity p,,(H) is defined at (A.2).
Proof. In § A.7 we will show that
UH)" — U(H)" X5 0, (A.13)

where the functionalj? (H)} is given at (A.7). In view of Proposition A.2, it re-
u.c.p.

mains to prove that U(H)} — U/"(H) —= 0. But due to the symmetry of H and
estimation (A.11), we obviously obtain that

E[ sup |U(H)} — U"(H)|| < = =0,
te[0,T] n

since the summands in U(H)? and U/"(H) are equal except for diagonal multi-
indices. m
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Remark A.1. The result of Theorem A.3 can be extended to weighted U-statistics
of the type

-1
U(H; X)" = (Z) > H(Xia; VRALX). (A.14)

i€ AP (d)

Here, H : R x RY — R is assumed to be continuous and symmetric in the first and
last d arguments. Indeed, similar methods of proof imply the u.c.p. convergence

U(H; X)P 52 U(H; X); = / po (H: X5)ds,
[0,¢]¢

with
Pos(H; Xs) = dH(Xs§Uslula c 5 Osgug)pa(u)du.
R
It is not essential that the weight process equals the diffusion process X. Instead,
we may consider any k-dimensional (F;)-adapted It6 semimartingale of the type
(A.3). We leave the details to the interested reader. O

A.4 Stable central limit theorem

In this section we present a functional stable central limit theorem associated with
the convergence in (A.12).

Stable convergence

The concept of stable convergence of random variables has been originally intro-
duced by Renyi [26]. For properties of stable convergence, we refer to [1, 25|. We
recall the definition of stable convergence: Let (Y;,)nen be a sequence of random
variables defined on (92, F,P) with values in a Polish space (E, ). We say that Y,
converges stably with limit Y, written ¥, — Y, where Y is defined on an ex-
tension (', F',P") of the original probability space (£2, F,P), if and only if for any
bounded, continuous function g and any bounded F-measurable random variable
Z it holds that
Elg(Y,)Z] — E'g(Y)Z], n — .

Typically, we will deal with E = D([0,T],R) equipped with the Skorohod topol-
ogy, or the uniform topology if the process Y is continuous. Notice that stable
convergence is a stronger mode of convergence than weak convergence. In fact, the
statement Y;, —— Y is equivalent to the joint weak convergence (Y, Z) — (Y, Z)
for any F-measurable random variable Z; see e.g. [1].

Central limit theorem

For the stable central limit theorem we require a further structural assumption on
the volatility process (0s)s>0. We assume that o itself is a continuous It6 semi-
martingale:

t t t
Ut:ag—l—/ dsds+/ &deer/ 0sd Vs, (A.15)
0 0 0
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where the processes (Gs)s>0, (6s)s>0, (Us)s>0 are cadlag, adapted and V' is a Brow-
nian motion independent of W. This type of condition is motivated by potential
applications. For instance, when o; = f(X;) for a C2-function f, then the Ité for-
mula implies the representation (A.15) with ¢ = 0. In fact, a condition of the type
(A.15) is nowadays a standard assumption for proving stable central limit theorems
for functionals of high frequency data; see e.g. |2, 18]. Moreover, we assume that
the process o does not vanish, i.e.

os#0 for all s € [0,T]. (A.16)

We believe that this assumption is not essential, but dropping it would make the
following proofs considerably more involved and technical. As in the previous sub-
section, the central limit theorems presented in this paper are stable under stopping.
This means, we may assume, without loss of generality, that

1a,6 and ¥ are bounded in (w,t). (A.17)

The processes a, 0,0~

We refer again to [2, § 3| for a detailed justification of this statement.
We need to introduce some further notation to describe the limiting process.
First, we will study the asymptotic properties of the empirical process

[nt]

Go(t, ) \FZ (n{an<x} @, (x)), (A.18)

where a7 is defined at (A.5). This process is of crucial importance for proving the
stable central limit theorem for the U-statistic U(H)}. We start with the derivation
of some useful inequalities for the process G,,.

Lemma A.4. For any even number p > 2 and x,y € R, we obtain the inequalities

E[ sup |Gp(t,2)|P] < Crpo(x), (A.19)
te[0,7
E[ sup |Gn(t,2) — Gn(t, )] < Crplz —yl, (A.20)

t€[0,T]

where ¢ : R — R is a bounded function (that depends on p and T') with exponential
decay at +00.

Proof. Recall that the processes o and o~ ! are assumed to be bounded. We begin
with the inequality (A.19). For any given z € R, (Gn(t,2))icp,r] i an (Fng/m)-
martingale. Hence, the discrete Burkholder inequality implies that

]

with (7' = n_l(ﬂ{aygm} — P51y (7))2. Recalling that p > 2 is an even number
und applying the Holder inequality, we deduce that

[nT)

B sup [Gu(t, )] < Cr,B [)ch

[nT) [nT]
’ Z CJ < CTTL_l Z(ﬂ{avj?sg;} - <I>crg (x))p
j=1 "
[nT] p

=o'y Y ( > o% () L{ar <a}-

7=1 k=0
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Thus, we conclude that

E[ sup [Gn(t,2)["] < Crp sup E[®q, (z)(1 — Po, (x))"] =: Crpo(z),
te[0,7) s€[0,7]

where the function ¢ obviously satisfies our requirements. This completes the proof
of (A.19). By exactly the same methods we obtain, for any = > vy,

E[tes[%%] |Gn(t7 x) - Gn(t) y)‘p]
< Cryp e E[(®0, (z) = Po, (1)) (1 = (Pq, () — P, (1)))"]

Since o and o~ ! are both bounded, there exists a constant M > 0 such that

sup |®q, () — @0, (y)] < [z -y sup ©=().
s€[0,7 M—-1<z<M,y<r<z
This immediately gives (A.20). O

Our next result presents a functional stable central limit theorem for the process
Gy, defined at (A.18).

Proposition A.5. We obtain the stable convergence
Gn(t,z) = G(t, z)

on D([0,T]) equipped with the uniform topology, where the convergence is functional
int € [0,T] and in finite distribution sense in x € R. The limiting process G is
defined on an extension (U, F',P') of the original probability space (Q, F,P) and
it is Gaussian conditionally on F. Its conditional drift and covariance kernel are
given by

t

E[G(t,z) | F] = / B, (x)dW,,
E’[G(tl,xl)G(tz, x9) | F] — E’[G(t1,x1) ] f]IE’[G(tQ,a:Q) | F]|

t1A\t2
— / By (21 A 22) — By (1) By, (22) —
0

q)o's (xl)ao's (x2>d87

where ®,(z) = B[V 1y <py] with V ~ N(0,1).

Proof. Recall that due to (A.17) the process o is bounded in (w,t). (However, note
that we do not require the condition (A.15) to hold.) For any given x1, ...,z € R,
we need to prove the functional stable convergence

(Gn(-,21),. ., Cn(-,z1)) == (G(-,x1),...,G(-, z1)).

We write G, (t, z;) = Eg”jl X7, with

1

X;’l,l = %(l{aygxl} - (I)o% (wl))a 1<i<k
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According to |21, Theorem IX.7.28] we need to show that

[nt]

t
ZE{X;tTXZlLFﬂ] = / (q)crs (xr N 2p) — @p, (21) Py, (ml))ds, (A.21)
=1 ! 0
[nt] t
> EDG AW L/ O, (x1)ds, (A.22)
j=1 " 0
[nt]
ZEHX?JP]IHX?PE}].F@] 50, for all € > 0, (A.23)
7=1 "
[nt]
> EDGATN|Fiz] — 0, (A.24)
j=1 "

where 1 < r,l < d and the last condition must hold for all bounded continuous
martingales N with [W, N] = 0. The convergence in (A.21) and (A.22) is obvious,
since A;‘W is independent of o(;_1)/,. We also have that

[nt] [nt]

ZEHX?JFEHX;Z»&}V%] <e? ZE[IX?,zllllf%] <Cn !,
j=1 Jj=1

which implies (A.23). Finally, let us prove (A.24). We fix | and define M, :=
E[x},|Fu] for u > (j — 1)/n. By the martingale representation theorem we deduce
the identity

u

MUZMJ—1+/ 1775dW5
n =2

n

for a suitable predictable process 7. By the 1t6 isometry we conclude that
E[X%A?N‘F@] = E[MLA?N\]:@] = E[A?MA?N“F@] =0.
This completes the proof of Proposition A.5. O

We suspect that the stable convergence in Proposition A.5 also holds in the
functional sense in the x variable. However, proving tightness (even on compact
sets) turns out to be a difficult task. In particular, inequality (A.20) is not sufficient
for showing tightness.

Remark A.2. We highlight some probabilistic properties of the limiting process
G defined in Proposition A.5.

(i) Proposition A.5 can be reformulated as follows. Let z1,...,2; € R be arbi-
trary real numbers. Then it holds that

(Gl Galan)) = [ oWt [ wllaw,
0 0
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where W' is a k-dimensional Brownian motion independent of F, and v and
w are RF-valued and R***_valued processes, respectively, with coordinates

vr = d,, (7,),
= O, (2, A7) — O, () P, (1) — Do, (1) Do, (1),

for 1 < r,l < k. This type of formulation appears in |21, Theorem IX.7.28|.
In particular, (G(-, 2;))1<i<k is a k-dimensional martingale. O

It is obvious from (i) that G is continuous in ¢. Moreover, G is also continuous
in z. This follows from Kolmogorov’s criterion and the inequality (y < x)

E'|G(t, ) — G(t, y)/"]

< GE|( /0 {@0.(2) = 0. (9) = (@0, (@) = o, (1)) }ds)
< Cplz — y)p/27

p/Q]

for any p > 0, which follows by the Burkholder inequality. In particular, G(t, -)
has Holder continuous paths of order 1/2 — ¢, for any € € (0,1/2). O

A straightforward computation (cf. (A.19)) shows that the function

E[sup;ejo,r G(t, 7)?] has exponential decay as  — +00. Hence, for any func-
tion f € C}(R), we have

[ 1@t

If f is an even function, we also have that

/Rf(a:) G(t,dz) /f G(t,dz) — E'[G(t,dx)|F)),

/f YE'[G(t, dz)| F] = /(/f )dWs,

and, for any z > 0,

/R £ (2)-(dx) = /R 2 (2)2(x)dz = 0,

because fy, is an even function. The same argument applies for z < 0. Fur-
thermore, the integration by parts formula and the aforementioned argument
imply the identity

[/Rf(x)G(t,dx)f\f}
- /0 t ( 1@ ) (B A y) = o ()2, <y>)dxdy) ds.

We remark that, for any z # 0, we have
varlf(V)] = [ F@)70) (@ Ay) = .2).(0)) dudy

with V' ~ N(0, 22). O

since

E/
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Now, we present a functional stable central limit theorem of the U-statistic
U{"(H) given at (A.8), which is based on the approximative quantities ()1 <;<n]
defined at (A.5).

Proposition A.6. Assume that the conditions (A.15), (A.16), and (A.17) hold.
Let H € C; (RY) be a symmetric function that is even in each (or, equivalently, in
one) argument. Then we obtain the functional stable convergence

V(U™ (H) — U(H)) = L,

where

Lt =d H(.%'l, e ,.I‘d)G(t, d.%'l)F(t, dxg) cee F(t, d.%'d). (A.25)
R4

The convergence takes place in D([0,T]) equipped with the uniform topology. Fur-
thermore, G can be replaced by G — E'[G|F] without changing the limit and, conse-
quently, L is a centered Gaussian process, conditionally on F.

Proof. First of all, we remark that
[ Ho, 2B (G dan) 7] =0
R
follows from Remark A.2(iii). The main part of the proof is divided into five steps:

(i) In § A.7 we will show that under condition (A.15) we have

ﬁ(U(H)t — | H@)F>, dw)) wer g (A.26)
Rd
with
| [t
Fu(t o) =~ > @, ()
=t "

Thus, we need to prove the stable convergence L™ — L for
n m -®d
L?:=/n (Ut (H) - | H@)F>q, dm)). (A.27)
Rd

Assume that the function H € C'(R) has compact support. Recalling the defini-
tion (A.18) of the empirical process G,,, we obtain the identity

-1

L?_Z tdmlHFntd:cm HF (t, dz,,).

m=[+1

In step (iv) we will show that both F,(t,dz,,) and F,(t,dx,,) can be replaced by
F(t,dz,,) without affecting the limit. In other words, L™ — L' =% () with

L = Z n(t, dxp) HF (t,dxy,).

m#l
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But, since H is symmetric, we readily deduce that

d
L"=d | H(®)Gy(t dzy) [[ F(t,dzm).
R4 m=2
The random measure F'(t, z) has a Lebesgue density in z due to assumption (A.16),
which we denote by F’(t,z). The integration by parts formula implies that

d
L' =—d | 0 H(@)Gu(t,z1) [ F'(t, xm)de,
R4 m=2
where 0;H denotes the partial derivative of H with respect to x;. This identity
completes step (i).

(ii) In this step we will start proving the stable convergence L™ =5 L (the
function H € C'(RY) is still assumed to have compact support). Since the stable
convergence G,, — G does not hold in the functional sense in the z variable, we
need to overcome this problem by a Riemann sum approximation. Let the support
of H be contained in [—k,k]%. Let —k = 2y < --- < 2z = k be the equidistant
partition of the interval [—k, k]. We set

d
Qt,x1) :== / ONH(zy,...,149) H F'(t,zp)dxs . .. dxg,
Rd-1 me—2
and define the approximation of L} via
odl <
L/n = —T Z t Z] t Z])

Proposition A.5 and the properties of stable convergence imply that

(QC2),Gn %)), = (Q(+2), G (%))

0<j<i 0<j<i’

Hence, we deduce the stable convergence

Ny § —% Z 2j)-

as n — oo, for any fixed [. Furthermore, we obtain the convergence
L(l) u.c.p. L

as [ — oo, where we reversed all above transformations. This convergence completes
step (ii).
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(iii) To complete the proof of the stable convergence L™ — L, we need to show
that

lim limsup sup |L{*(I) — L}*| =0,

l=00 n—oo te[0,7)

where the limits are taken in probability. With A = [/2k we obtain that

() — L _d’/  [2h]/R)Gn(t, [zh] /) —Q(t,x)Gn(t,x)}dx .

Observe that

T
sup |F/(t, 2m)] = / o @m)ds ST sup  u(wm), (A.28)
te[0,T] 0 M-1<z<M

where M is a positive constant with M~ < |o| < M. Recalling the definition of
Q(t,x) we obtain that

sup |Q(t,x)] < Crp, sup [Q(t,z) — Q(t, [xh]/h)| < Crn(h™"), (A.29)
te[0,7) te[0,T

where n(e) := sup{|01H (y1) — 01 H (y2)| | lly1 — y2ll < &, y1,y2 € [k, k]?} denotes
the modulus of continuity of the function 9y H. We also deduce by Lemma A.4 that

E[ts[lépﬂ G (t, z) "] < Cr, (A.30)
E[ sup [Gn(t, z) — Gn(t, [zh]/R)|P] < Crh~, (A.31)

te[0,7)

for any even number p > 2. Combining the inequalities (A.29), (A.30) and (A.31),
we deduce the convergence

lim limsup E[ sup |L{*(1) — L] =

I=00 n—oo  tef0,T]

st

using that Q(¢,-) has compact support contained in [—k, k]. Hence, L' — L and
we are done.

(iv) In this step we will prove the convergence
LTL _ L/n u.c.p. 0

This difference can be decomposed into several terms; in the following we will treat
a typical representative (all other terms are treated in exactly the same manner).
For | < d define

Ry(l) = | H(@)Gu(t,dx)) [ Fult, dam)

d—1

x [ Fnlt,dom)[Fn(t,dzq) — F(t,dzg)].
m=Il+1
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Now, we use the integration by parts formula to obtain that

Ri(l) = . Ny (t, 21) Gy, (t, ) day,

where

Nu(t,z) = O H(x F,(t, dxy,)
(t, x1) /Rdlz H €

d—1

x [ Fult,dem)[Fu(t,dzg) — F(t, dag)).
m=Il+1

As in step (iii) we deduce for any even p > 2,

E[ sup |Gn(t,21)P] < Cp, E[ sup |Ny,(t,2)P] < Cp.
te[0,T) t€[0,T7]

Recalling that the function H has compact support and applying the dominated
convergence theorem, it is sufficient to show that

Nn(7xl) u.c.p. O,
for any fixed x;. But this follows immediately from Lemma A.1, since

Fn(ax) %F(Wm% Fn( ) %F( )

for any fixed x € R, and 0;H is a continuous function with compact support. This
finishes the proof of step (iv).

(v) Finally, let H € C}(R?) be arbitrary. For any k € N, let Hy, € CL(R?) be a
function with Hy = H on [k, k]? and Hy, = 0 on ([~k — 1,k +1]%)°. Let us denote
by LY (H) and L;(H) the processes defined by (A.27) and (A.25), respectively, that
are associated with a given function H. We know from the previous steps that

L™(Hy) = L(Hy,)

u.c.p.

as n — oo, and L(Hy) —— L(H) as k — oco. So, we are left to proving that

hm limsup sup |L}(Hy)— LY (H)| =0,

k—=oo n—oo tefo,1]

where the limits are taken in probability. As in steps (ii) and (iii) we obtain the
identity

Ly (Hy) — L' (H)

d -1
=> | O(H — Hy)(@)Gn(t,z)da; || Fu(t, dem) H Foo(t, day,)
=1 R4 m=1 m=Il+1
d
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We deduce the inequality

[n1]

QU <000 3 / O(H — H)(a,. ..z, zq)]
Rd l+1

01y —1=1

X |G (t, z;)| H F (t,zp)dz; ... dxg.
m=l+1

We remark that 0;(Hy — H) vanishes if all arguments lie in the interval [—k, k.
Hence,

[nt]

QUi <n DY / O(H — H)(a ..l a,... zq)]
Rd 1+1

Z ..... lel
-1

(Z Ljap \>k}+zl{\xm|>k})|<@ (t,21)| H F(t, xm)d; . .. dzg.

m=l m=Il+1

Now, applying Lemma A.4, (A.11), (A.28) and the Cauchy-Schwarz inequality, we
deduce that

E[ sup [Q'(k)7]

t€[0,T]
<c / (a-1 (1 ®.(k)) Ed: I )1/2
< — sup — O, + Tom
g Rd—1+1 M—1<z2<M m=l tlom|>£}
d

x P, x)o@) [[ swp wa(em)da .. deg,
iy MISz<M

for some bounded function ¢ with exponential decay at +oo and a function ¥ €
CH(RI=+1). Hence

d

/Rd—z+1 W(xyy ... xq)p(xp) H sup @ (zp)dr; ... drg < 00,

m=it1 M1 <z<M
and we conclude that

lim limsup E[ sup |Q'(k)?|] = 0.

k=00 nooo  tel0,T]

This finishes step (v) and we are done with the proof of Proposition A.6. O

Notice that an additional F-conditional bias would appear in the limiting pro-
cess L if we would drop the assumption that H is even in each coordinate. The
corresponding asymptotic theory for the case d = 1 has been studied in [22]; see
also [17].

Remark A.3. Combining limit theorems for semimartingales with the empirical
distribution function approach is probably the most efficient way of proving Propo-
sition A.6. Nevertheless, we shortly comment on alternative methods of proof.
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Treating the multiple sum in the definition of U™ (H) directly is relatively com-
plicated, since at a certain stage of the proof one will have to deal with partial
sums of functions of o weighted by an anticipative process. This anticipation of
the weight process makes it impossible to apply martingale methods directly.

Another approach to proving Proposition A.6 is a pseudo Hoeffding decomposi-
tion. This method relies on the application of the classical Hoeffding decomposition
to U'™(H) by pretending that the scaling components o(;_1)/, are non-random.
However, since the random variables a;? are not independent when the process o
is stochastic, the treatment of the error term connected with the pseudo Hoeffding
decomposition will not be easy, because the usual orthogonality arguments of the
Hoeffding method do not apply in our setting. O

Remark A.4. In the context of Proposition A.6 we would like to mention a very re-
cent work by Beutner and Zahle [3]|. They study the empirical distribution function
approach to U- and V-statistics for unbounded kernels H in the classical i.i.d. or
weakly dependent setting. Their method relies on the application of the functional
delta method for quasi-Hadamard differentiable functionals. In our setting it would
require the functional convergence

Gnl(t,") = G(t,-),

where the convergence takes place in the space of cadlag functions equipped with
the weighted sup-norm || f||y := sup,eg |(14|z|}) f ()| for some A > 0. Although we
do not really require such a strong result in our framework (as can be seen from the
proof of Proposition A.6), it would be interesting to prove this type of convergence
for functionals of high frequency data; cf. the comment before Remark A.2. O

To conclude this section, we finally present the main result: A functional stable
central limit theorem for the original U-statistic U(H)".

Theorem A.7. Assume that the symmetric function H € C'; (R) is even in each
(or, equivalently, in one) argument. If o satisfies conditions (A.15) and (A.16), we
obtain the functional stable central limit theorem

\/E<U(H)” - U(H)) Ny (A.32)

where the convergence takes place in D([0,T]) equipped with the uniform topology
and the limiting process L is defined at (A.25).

Proof. In § A.7 we will show the following statement: Under condition (A.15) it
holds that

alUH)™ — U(H)"| 22225 0. (A.33)

In view of Proposition A.6, it remains to prove that v/n|U(H)? — U™(H)| <2 0.
But due to the symmetry of H, we obtain as in the proof of Theorem A.3

~ C
E[ sup |U(H)y —U(H)[] < —L.
te[0,T] n

This finishes the proof of Theorem A.7. O
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We remark that the stable convergence at (A.32) is not feasible in its present
form, since the distribution of the limiting process L is unknown. In the next section
we will explain how to obtain a feasible central limit theorem that opens the door
to statistical applications.

A.5 Estimation of the conditional variance

In this section we present a standard central limit theorem for the U-statistic
U(H)?. We will confine ourselves to the presentation of a result in finite distri-
butional sense. According to Remark A.2 (iii) applied to

filz):=d [ H(z,zs...,wq)F(t,dxs) - F(t,dag),
Rd—1

the conditional variance of the limit L, is given by

Vi LA = [ ([ feenis— ([ fen i) ds

Hence, the random variable L; is non-degenerate when
var (E[H(mlUl, .. ,ded)]U1]> >0,  (Un,...,Us) ~ N0, L),

for all z1,...,2q € {0s|s € A C [0,t]} and some set A with positive Lebesgue
measure. This essentially coincides with the classical non-degeneracy condition for
U-statistics of independent random variables.

We define the functions G : R24~1 5 R and Gs : R2 x R24-2 , R by
Gl(il}) = H(xl, Iy ... ,xd)H(xl, Ld4+1y--- ,.chd_l), (A34)
GQ(:B, y) = H(.’El, Yty .- 7yd—1)H($27 Ydy - - - 7y2d—2)7 (A35)

respectively. Then V; can be written as

Vi=d [ pa(Gads

[O,th_l

t
dQ/[Oth?/o /R/Rpgs(Gg(xl,xQ;-))gpaq(xl)gogq(xg)d:cl dzro dqds.

We denote the first and second summand on the right hand side of the preceding
equation by Vi and Va,, respectively. Let G denote the symmetrization of the
function G1. By Theorem A.3 it holds that

Vi, = d*U(Gh)P 22 d2U(Gh)e = Vig

The multiple integral Va; is almost in the form of the limit in Theorem A.3, and
it is indeed possible to estimate it by a slightly modified U-statistic as the fol-
lowing proposition shows. The statistic presented in the following proposition is a
generalization of the bipower concept discussed e.g. in 2] in the case d = 1.
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Proposition A.8. Assume that H € C’S(Rd). Let

d? n -1
V), = —
2Ty <2d — 2> 2

i€ AP (2d—2)
[nt]—1

X Z GQ \FATLX \/>AJ+1X;\/EA?1 \/>A12d 2X)’

7=1

where ég denotes the symmetrization of Go with respect to the y-values, that is

~ 1
Go(xsy) = ——— Gao(x;
2($,y) <2d—2)‘; 2(w77Ty)7
forx € R?, y € R?=2 and where the sum runs over all permutations of {1,...,2d—
2}. Then
Vn u.c.p. V2

Proof. The result can be shown using essentially the same arguments as in the
proofs of Proposition A.2 and Theorem A.3. We provide a sketch of the proof.
Similar to (A.7) we define

[nt]—1

~n d2 n -1 n
V2’t ::n(Qd—2> Z Z G2 -1-17 21""’a7;2d72)’

i€ AP (2d—2) j=1

where o\ ) = \/ﬁa% A7 W. Analogously to (A.8) we introduce the random

process
Ve [ Galws ) Fult w0 1, dy),
R2d_2 R2
where
[nt]—1

Fn(t,xl,xg) = E Z l{a"<x1}ﬂ{aj+1<x2}-
j=1

Writing out V2’7}5 as a multiple sum over nondecreasing multi-indices in the y argu-

ments, one observes as before that V5 and 172’} differ in at most O(n??~3) sum-
mands. Therefore, using the same argument as in the proof of Theorem A.3

‘A/:Qt V/TL u.c.p. 0

For any fixed z,y € R it holds that

B _ ¢
Fo(t,z,y) —=> F(t,z,y) 3:/ Dy, (2)P0, (y)ds.
0

This can be shown similarly to the proof of Proposition A.2 as follows. Let £ =

nflﬂ{aygxl}]l{ayilng}. Then,

[nt]-1 [nt]—1
1 u.c.p. =
ST Bl = D B, (0, (22) S it 2y).

n

j=1 j=1
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On the other hand, we trivially have that Z[nt] ' E[€}*|F iz 1] — 0, for any
fixed ¢ > 0. Hence, the Lenglart’s domination property (see [21 p. 35]) implies the
convergence

[nt]—1

> (& —Elg1Fi]) 220,

which in turn means that Fy (¢, z,y) —<2 F(t,2,y).

We know now that VZ”@ converges to the claimed limit if G2 is compactly sup-
ported. For a general Go with polynomial growth one can proceed exactly as in
Proposition A.2. To conclude the proof, one has to show that V3, — Vy’} — 0.
This works exactly as in § A.7. O

The properties of stable convergence immediately imply the following theorem.

Theorem A.9. Let the assumptions of Theorem A.7 be satisfied. Lett > 0 be fixed.
Then we obtain the standard central limit theorem

V(U (H)} — U(H)y)

d 0,1 A.36
v — N(0,1), (A.36)

where V" = V", — V3, using the notation defined above.

The convergence in law in (A.36) is a feasible central limit theorem that can be
used in statistical applications. It is possible to obtain similar multivariate central
limit theorems for finite dimensional vectors /n(U(H )i, —U(H): )
the details to the interested reader.

1<j<k We leave

A.6 Statistical applications

In this section we present some statistical applications of the limit theory for U-
statistics of continuous [t6 semimartingales.

Gini’s mean difference

Gini’s mean difference is a classical measure of statistical dispersion, which serves
as robust measure of variability of a probability distribution [7]. Recall that for a
given distribution Q, Gini’s mean difference is defined as

MD :=E[|Y; — Ys],

where Y7, Y5 are independent random variables with distribution Q. In the frame-
work of i.i.d. observations (Y;)i>1 the measure M D is consistently estimated by the
U-statistic n(n 0 > 1<i<j<n |Yi — Yj|. Gini’s mean difference is connected to ques-
tions of stochasm dominance as shown by [27]. We refer to the recent paper [24] for
the estimation theory for Gini’s mean difference under long range dependence.

In the setting of continuous [td semimartingales we conclude by Theorem A.3
that
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where the function H is given by H(x,y) = |z — y| and m, is the p-th absolute
moment of N'(0,1). In mathematical finance the quantity M D; may be viewed as
an alternative measure of price variability, which is more robust to outliers than
the standard quadratic variation [X, X].

Formally, we cannot directly apply Theorem A.7 to obtain a weak limit theory
for the statistic U(H)}, since the function H(z,y) = |z — y| is not differentiable
and H is not even in each component. Since Y7 — Y5 and Y7 + Yo have the same
distribution for centered independent normally distributed random variables Y7, Y5,
the modification

H(z,y) = 5(jz =yl + |z +y)),

which is even in each component, has the same limit, i.e. U(H)} —~%5 MD;.
Moreover, using sub-differential calculus and defining

grad H(z,y) := (sign( — y) + sign(z + y). sign(z — ) + sign(x + 1)),

all the proof steps remain valid (we also refer to [2], who prove the central limit
theorem for non-differentiable functions). Thus, by the assertion of Theorem A.7,
we deduce the stable convergence

\/ﬁ(U(ﬁ)? - MDt) L= /2(|gg1 — aa| + |21 + 22|)G(t, dz ) F (¢, das),
R

where the stochastic fields G(¢,z) and F(t,x) are defined in Proposition A.5 and
(A.9), respectively. Now, we follow the route proposed in § A.5 to obtain a standard

central limit theorem. We compute the symmetrization Gl,Gg of the functions
G1, G defined at (A.34) and (A.35), respectively:

Cr(wr, w3, w5) = 5 (a1 = wal + o1 + wal) (21 — wa] + o1 + a5])

(
+(
+(

|z2 — @3] + |22 + 23))
)3 = o] + los + @)

wg—x1’+’$2+$1

|zg — x1| + |23 + 21
Gr(@r,w2iy1,92) = § (e = yal + o1 + 1) (12 = g + o2 + pa)
)

+ (J21 =yl + o1 + pal)(Jz2 = gl + |22 + 91 )

Using these functions we construct the statistics V" and V3’ (see § A.5). Finally,
for any fixed t > 0 we obtain a feasible central limit theorem

\/ﬁ(U(ﬁ)? B MDt) d

— N(0,1).
V Vi = Va

The latter enables us to construct confidence regions for mean difference statistic
M Dy.

LP-type tests for constant volatility

In this subsection we propose a new homoscedasticity test for the volatility process
o2. Our main idea relies on a certain distance measure, which is related to LP-norms;
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we refer to [12, 13] for similar testing procedures in the L.? case. Let us define

h(sl,...,sd) = ZO’?H 81,...,8(16[0,1],

and consider a real number p > 1. Our test relies on the LP-norms

1/p
hll = (/ \h(s)]pds> .
0.1)¢

Observe the inequality ||| > ||h||1 and, when the process h is continuous,

equality holds if and only if h is constant. Applying this intuition, we introduce a
distance measure M? via

PP L

[t

Notice that a continuous process ¢ is constant if and only if M? = 0. Further-
more, the measure M? provides a quantitative account of the deviation from the
homoscedasticity hypothesis, as it takes values in [0, 1].

For simplicity of exposition we introduce an empirical analogue of M? in the
case d = 2. We define the functions

€ [0,1].

2

Hi(z) == 3(|z1 — 22| + |21 + 22|?P), Hy(x) i= o + x5

with € R?. Notice that both functions are continuously differentiable and even in
each component, hence they satisfy the assumptions of Theorems A.3 and A.7. In
particular, Theorem A.3 implies the convergence in probability

U(H)! == U(H) = map|hllf,,  U(Hz)Y = U(Hao)i = Al

where the constant mg, has been defined in the previous subsection. The main
ingredient for a formal testing procedure is the following result.

Proposition A.10. Assume that conditions of Theorem A.7 hold. Then we obtain
the stable convergence

V(U )T = map|Ibl2,, UHz)T = [[A] ) (A.37)
N 2( Hi(z1,20)G(1, dz1 ) F(1, dxs), Hg(ml,xg)G(l,dxl)F(l,d:vQ))
R2 R2

Furthermore, the F-conditional covariance matriz V = (Vjj)1<ij<2 of the limiting
random variable is given as

Vij = /01 </Rfi($)fj(x)90crs(x>d$ (A.38)

( /R fi(@)po. (x)dz) ( /R fj(aj)tpas(x)dm>>ds

fi(z) = Q/RHi(x,y)F(l,dy), i=1,2.

with
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Proof. As in the proof of Theorem A.7 we deduce that
Vu(U(H)Y = U(H)) = LY'(i) +op(1),  i=1,2,

where L7*(7) is defined via
Llln(l) =2 2Hi(xl,l’g)Gn(l,dxl)F(l,dwg).
R

Now, exactly as in steps (ii)—(v) of the proof of Proposition A.6, we conclude the
joint stable convergence in (A.37). The F-conditional covariance matrix V is ob-
tained from Remark A.2(iii) as in the beginning of § A.5. O

Let now M2 be the empirical analogue of M2, i.e.

map U(HL)T — (U(H2)})P

M2 = — — — M2
m2p U(Hl)l

Observe the identities

M2 = (UL UH)E), M2 =1 (mapllhlE, bl ),

where r(z,y) =1— mgp%. Applying Proposition A.10 and delta method for stable
convergence, we conclude that /n(M?2 — M?) converges stably in law towards a
mixed normal distribution with mean 0 and F-conditional variance given by

*
v i= Vr(map|IEy 1l ) V7 (magllBlE IRl )

where the random variable V' € R?*2 is defined at (A.38). -
For an estimation of V' we can proceed as in § A.5. Define the functions G :
R3—>RandGz23 :R* - R by

G (21,9, x3) = Hi(w1, 22)Hj(x1, x3)
ng(xhx%yhyQ) = Hi(xlvyl)Hj($27y2)a Z?J = 17 2.

Let further éllj be the symmetrization of Gilj and élj the symmetrization of Géj
with respect to the y-values. With

—1n-1
Wij = i(g) Yo S GY(aALX VRAL X VRAL X, V/RAL X),
i1=11<iz<iz<n
we can, exactly as in § A.5, deduce that
V"= (AU(GY)T = Wig)ijmr0 — V.
Using the previous results, we directly get

V2 = Vr(U(Hl)’f, U(HQ)?)V"W (U(Hl)’f, U(Hg)?>* 2
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Now, the properties of stable convergence yield the following feasible central limit
theorem:

VM, — M) 5 N(0,1). (A.39)

2
Un

With these formulas at hand we can derive a formal test procedure for the hypoth-
esis

Hy : o2 is constant on [0, 1] Vs. Hi : o2 is not constant on [0, 1].
These hypotheses are obviously equivalent to

Hy: M?>=0, vs. Hp: M?>0.

Defining the test statistic S, via

2
5, YIME

Un

we reject the null hypothesis at level v € (0,1) whenever Si* > ¢;_., where ¢;_
denotes the (1 — v)-quantile of N'(0,1). Now, (A.39) implies that

nILH;OPHo(Sn > Cl—’Y) =7 nILH;oPHl (Sarzl > 61—7) =1

In other words, our test statistic is consistent and keeps the level v asymptotically.

Wilcoxon test statistic for structural breaks

Change-point analysis has been an active area of research for many decades (we
refer to [6] for a comprehensive overview). The Wilcoxon statistic is a standard
statistical procedure for testing structural breaks in location models. Let (Y;)1<i<n,
(Zi)1<i<m be mutually independent observations with Y; ~ Qp,, Z; ~ Qg,, where
Qo(A) = Qo(A —6) for all A € B(R) and Qo is a non-atomic probability measure.

In this classical framework the Wilcoxon statistic is defined by

1 n m
e DD DRIIETAL

i=1 j=1

Under the null hypothesis 1 = 65, the test statistic is close to 1/2, while deviations
from this value indicate that 6; # 6. We refer to the recent work [8] for change-
point tests for long-range dependent data.

Applying the same intuition we may provide a test statistic for structural breaks
in the volatility process o2. Assume that the semimartingale X is observed at high
frequency on the interval [0, 1] and the volatility is constant on the intervals [0, )
and (t,1] for some t € (0,1), i.e. 02 = 6 on [0,¢) and 02 = 0% on (¢, 1]. Our aim is
to test the null hypothesis 03 = o7 or to infer the change-point ¢ when o # o7. In
this framework the Wilcoxon type statistic is defined via

[Tbt] n

1
WL =35> > Yarxiiazxp:
=1 j:[nt]+1

Notice that the kernel is neither symmetric nor continuous. Nevertheless, we deduce
the following result.
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Proposition A.11. Assume that condition (A.16) holds. Then we obtain the con-
vergence.

t 1
WLn b WL .= / / </2 ]L{|051U1§|052u2}cpd(u)du> dsidss (A40)
0 Jt R

t pl
2
:// <1—8L1rctauno—1
0 Jt T

O gy

> dSldSQ.

Proof. As in the proof of Theorem A.3, we first show the convergence (A.40) for
the approximations o] of the scaled increments /nA’X. We define

Ui ;:/ Ly <y Fn(ts do) (Fu(1, dy) — Fu(t, dy)).

Since condition (A.16) holds, the measure F),(¢,dz) is non-atomic. Hence, we con-
clude that
Ut/ u.c.p. WLt

exactly as in the proof of Proposition A.2. It remains to prove the convergence
WL} — U™ =<2 0.

Observe the identity

[nt] n
WL - t’”=n22 > (Vgarxi<ianxiy = Lazi<iaz) )
i=1 j=[nt]+1
[nt] n
nZZ 2 (ﬂ{‘A?XISIA?Xl}_l{lx/ﬁA?XEla?l}
i=1 j=[nt]+1

+ Lyymarx|<lar)y — 1{|a;t|§|a;ﬂ|})
In the following we concentrate on proving that

[Tbt] n

HQZ > (Lgvmapxigiarh = Lgarisiary) == 0,
i=1 j=[nt]+1

as the other part is negligible by the same arguments. Using the identity
Livaagxi<iozy = Wapilaply = Lyvaapxiiogl o>l ~ LHivaarx|>lap|laz|<laz|}

we restrict our attention on proving

1 [nt] n
u.c.p.
e} Y > Lgumarxisjarijazi<ian)y — 0.
i=1 j=[nt]+1

For an arbitrary ¢ € (0,1/2), we deduce the inequality

/AT X —az“I]

o] = lag[]?

B[y /marx|>laz)jori<lary] < E

E[|v/nAPX — ol [2)2E[|| o] — |ap|| 2]/
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For a standard normal random variable U, and for any z > 0,y > 0, define
9q(z,y) = E[l|U] —y[7*].
Since 2¢ < 1, we have

9q(2,y) = E[|l2|U| — y| > Lipjv—y1<13] + El2|U] = 417 Lzt —y > 1))
C
< /l%|l’|u| — y|_2q]l{|$|u|_y|gl}du +1< ?q +1< (A.41)

Due to assumption (A.16) and by a localization argument we can assume that oy
is uniformly bounded away from zero. Therefore and by (A.41) we obtain

Ello}| — lag'{| =) = E[E[[|of| — o7 || Fiz1]]

= Elgy(011,07)] < C; < oc.

Hence,
nzZ > Ellgmarxisiarljapi<lar]
=1 j=[nt]+1

SnQZ > EIVAATX -}t 2

i=1 j=[nt]+1

where the last convergence follows as in (A.42). This completes the proof of Propo-
sition A.11. O

Now, observe that when the process o has no change-point at time ¢ € (0, 1)
(i.e. 0 = 0?) the limit at (A.40) is given by WL, = £¢(1—t). Thus, under the null
u.c.p.

hypothesis 02 = 0%, we conclude that WL} —< %t(l — t). Since the time point
t € (0,1) is unknown in general, we may use the test statistic

sup WLy — 3t(1—1)]
te(0,1)

to test for a possible change point. Large values of this quantity speak against the
null hypothesis. On the other hand, under the alternative 03 # o7, the statistic
ty = argsupyc o,y |W LY — $t(1 —t)| provides a consistent estimator of the change-
point ¢t € (0, 1) A formal testing procedure would rely on a stable central limit
theorem for W L}, which is expected to be highly complex, since the applied kernel
is not differentiable.

A.7 Proofs of some technical results

Before we start with the proofs of (A.13) and (A.33) we state the following Lemma,
which can be shown exactly as [2, Lemma 5.4].
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Lemma A.12. Let f:R? = R be a continuous function of polynomial growth.
Let further ~, 4™ be real-valued random variables satisfying E[(|7]+ |7i")P] < Cp

for allp > 2 and
n - n
() > Bl =0
1€ AR (d

Then we have for all t > 0:

) = BN - FODI 4o

1€ A (d

Recall that we assume (A.4) without loss of generality; in §A.7 and §A.7 we
further assume (A.17), i.e. all the involved processes are bounded.

Proof of (A.13)

The Burkholder inequality yields that E[(|\/rA’X| + |af'|)P] < C), for all p > 2. In
view of the previous Lemma U(H)" — U(H)"™ =5 0 is a direct consequence of

[nt]

—1
n n n C n n
<d> Y E[VrATX - af|?] < - > E[[VnA}X —af[?] 50 (A.42)
i€ A (d

) J=1

as it is shown in [2, Lemma 5.3]. O

Proof of (A.33)

We divide the proof into several steps.

(i) We claim that

V(U(H)" = U(H)") = P"(H) =50

where

PMH) ::\/ﬁ@)_ Z VH (o) (VAATX — al).

i€ A} (d

Here, VH denotes the gradient of H. This can be seen as follows. Since the process
o is itself a continuous It6 semimartingale we have

E[|[vRArX — al|P] < Cpn~P/? (A.43)

for all p > 2. By the mean value theorem, for any 7 € A}(d), there exists a random
variable x7 € R? such that

H(VnAjX) — H(af) = VH(G) (VnA] X —af)



A.7. Proofs of some technical results 37
with [[x? — af || < ||[v/nA?X — of||. Therefore, we have

Efsup [v/n(U(H)} — Uy(H)") — P} (H)||

t<T

-1
<ova(h) X EITHOD - VHEIIWALX - af)]

icAn(d)

scm(g)l( > ENVH) - VHE)P)

i€ AR (d)

> El(vmax - o)

i€ AlL(d)

sc{@)_l > ENVE - HE)E) -0

i€ An(d)

by (A.42) and Lemma A.12.

(ii) In this and the next step we assume that H has compact support. Now we
split P/* up into two parts:

Pt"_\/ﬁ@)_ Y VH(@})ur(1) + \/ﬁ@)_l S VH@§)p(2), (Add)

1€ A} (d) 1€ A} (d)

where /nA?X — of = v (1) +v}(2) and ¢ = (iy,...,iq), with

vi, (1) = \/ﬁ<n71a@

n
i

[k AGus (W= Wit) 4+ 55 (Ve = Vi) }dW)

n
i ik

v (2) :\/ﬁ</" (as—aikl)dﬁ/" {/ udu
=l “n ip—1 ig—1

+ / ) (6u— — 5'ik71)qu + / . (’f)u_ — Viy—1 )qu}dWs) .
kT “n 2t n

We denote the first and the second summand on the right hand side of (A.44) by
Si and §f, respectively. First, we show the convergence Sn 2Py (). Since the
first derivative of H is of polynomial growth we have E[|VH (a})||?] < C for all
t € A} (d). Furthermore, we obtain by using the Hélder, Jensen, and Burkholder
inequalities
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Thus, for all ¢ > 0, we have

n<”> E Z IV H () (2)]

1€ A (d
f@%() (] = iwmenn]) (6] 3 o))"
i€ A7(d) 1€AY (d)
_ [nt]
<o(n(y) ¥ S R+ pneR))”
i1eig=1
i)

IN

c(e[3 )"

—1 t o 2 - = 2 - _ 1/2
<C(n Y 4+E [ (as — apmg)? + (G5 — Gns))? 4 (Ts— — g )?ds —0
0

n n n

by the dominated convergence theorem and S =<2 0 readily follows.

(iii) To show S™ —== 0 we use

d n d
“S(y) X e = Y s
k=1 k=1

1€ A} (d)

Before we proceed with proving S™(k) —== 0, for k = 1,...,d, we make two
observations: First, by the Burkholder inequality, we deduce

E[lvnvj, (1)|P] < Cp, for all p > 2, (A.45)
and second, for fixed x € R4 and for all 4 = (i1,...,4;) € AP(k), we have
ElOkH (o, x)vj, (1) Fiy—1] = 0, (A.46)

since Oy H is an odd function in its k-th component. Now, we will prove that

vk Z O H (o, z)vf: (1) —= 0, (A.47)

for any fixed z € R?*. From (A.46) we know that it suffices to show that

[nt] 9
> E[( > ank> |fk;1} -0,
ir=1 1<y < <ip_1 <ip "
where xi,,_ i, = v/nn kO H(a? ) .(1). (Note that the sum in the expectation

only runs over the indices ¢1,...,% ) But this follows from the L! convergence
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and (A.45) via

] )
YE( X xea) ]

=1 1<) < <ip_1<ip

C
<Y > E[@H(ef o) (1))
t=11<01 < <tp_1<ip
C
< ——=0.
n
Recall that we still assume that H has compact support. Let the support of H be
a subset of [~ K, K]% and further —K = 29 < --- < 2, = K be an equidistant
partition of [—K, K]. We denote the set {zg,...,2zm} by Zn. Also, let n(e) =
sup{||VH (z) — VH(y)| | |z —y|| < e} be the modulus of continuity of VH. Then
we have

sup |SP(k)| < Cv/nn Fsup  sup Z akH(a’zf‘,x)vZC(l)’
t<T t<T ae[- KK L e
< Cv/nn Fsup max ’ Z O H (o, 2)vp (1 )‘
t<T zez i€ AP (k)
_ 2K\ |
+ CyvnnF Z n (m) ‘Uzk(l)‘
ic AR (k)

Observe that, for fixed m, the first summand converges in probability to 0 as n — oo
by (A.47). The second summand is bounded in expectation by Cn(2K/m) which
converges to 0 as m — oo. This implies S7*(k) —= 0 which finishes the proof of
(A.33) for all H with compact support.

(iv) Now, let H € C’;(Rd) be arbitrary and Hj be a sequence of functions in
C’; (R?) with compact support that converges pointwise to H and fulfills H = Hj,
n [—k, k] In view of step (i) it is enough to show that
| =0

lim limsupE{sup ‘ﬁ(g) Z V(H — Hy)(a})(vVnA}X — af)

k—o00 N <
e t<T 1€ A} (d

Since H — Hy, is of polynomial growth and by (A.43) we get

B sup|vi ) ) S V(H - H)(@)(VRALX - af)

|

=T icA7(d)
n -1
= C‘/ﬁ<d> > ElVEH - H)(@)|[VnAiX — o]
i€ A7 (d)
= C(Z>_ ;;(d [(Zﬂ{| g>k})2HV(H_Hk)( DII? %

which finishes the proof. O
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Proof of (A.26)

We can write
U(H); = / H(@)go,, (21) -+ Po,, (za)dwds.
0,44 JRd

We also have

[nt]
n

-/
Fot) = [ 7 o @ds

where F,(t,2) denotes the Lebesgue density in @ of F(t, ) defined at (A.26). So
we need to show that P"(H) —*= 0, where

— H(z)

[0,t]4 JR
X (90031 (:171) Qo (l’d) = 0 sy (1‘1) g s ] (xd))dar:ds

As previously we show the result first for H with compact support.

(i) Let the support of H be contained in [k, k]?. From [2, § 8] we know that, for
fixed z € R, it holds that

t
\/ﬁ/ (goas (x) — P (1] (x))ds -5 0. (A.48)
0 o
Also, with p(z,z) := ¢,(x) we obtain, for z,y € [k, k],
t
| [ 90.@) = 901 @) = (01 6) = 21 )
t
< [ 1019060 )01~ 010m) ~ Drp(Ehs )0~ )|
0 n

ds

t
< [ 10up(€ln)(€ ~ &) + Buaplhn)w = )| — 7
0 n
t
<C [ lou = 0tan P + lo ~ o1aa 1y — alds,
0 n n
where &, &5, & are between o and o,/ and 75 is between x and y. Now, let

Zy ={jk/m|j=—m,...,m}. Then, we get

t
sup |P/'(H)| < Or sup\/ﬁ ‘ / Po, (T) = Po (x)ds’da;
t<T t<T —k,k] =

< CT Sup Sup f‘ / 80(75 900' [ns] (Sc)ds‘
t<T z€[—k,k| S

< Crsup max f‘/ Yo, (T) = Po,y (x)ds‘

t<T T€Zm n

+ CT\/H/ (los — O g |2+ E|os — O |)ds
0 n n
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<0 3 sw v [ en0) = oy (015

€7 t<T

k
+CT\/H/ (‘US—UM‘2+%|US—O'[7L5]DCZS
0 n "

Observe that, for fixed m, the first summand converges in probability to 0 by (A.48).
By the It6 isometry and (A.17) we get for the expectation of the second summand:

k
B[V [ (oo~ ol + o~ ot s
m

n

k 1 1
- E s ns 2 - s ns d <C —— I .
\/ﬁ/o “U U[n]’ +77’L|O- o-[n]” RIS T<\/ﬁ+m)

Thus, by choosing m large enough and then letting n go to infinity, we obtain the
u.c.p.

convergence P;'(H) —— 0.

ii) Now let H € C1(R?%) and Hj, be an approximating sequence of functions in
p
C’; (RY) with compact support and H = Hj, on [—k, k]%. Observe that, for 2, s € R?,
we obtain by the mean value theorem that

E U%sl (@1) -+ P, (Xd) = o, (@) Po (flfd)u

n n

d
C
)Y Eloy, — 0y < —=0(@),
i=1 "

where the function v is exponentially decaying at £oo. Thus

lim lim sup E[sup\P"( Pt”(Hk)]}

k—00 n—oo t<T

<Cr hrn lim sup |(H — Hy)(x)|v(x)dx = 0,

k—00 n—oo R4

which finishes the proof of (A.26). O
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Abstract

In this paper we examine the asymptotic theory for U- and V-statistics
of discontinuous It6 semimartingales that are observed at high frequency.
For different types of kernel functions we show laws of large numbers and
associated stable central limit theorems. In most of the cases the limiting
process will be conditionally centered Gaussian. The structure of the kernel
function determines whether the jump and/or the continuous part of the
semimartingale contribute to the limit.
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B.1 Introduction

U- and V-statistics are classical objects in mathematical statistics. They were intro-
duced in the works of Halmos [9], von Mises [22] and Hoeffding [10], who provided
(amongst others) the first asymptotic results for the case that the underlying ran-
dom variables are independent and identically distributed. Since then there was a
lot of progress in this field and the results were generalized in various directions.
Under weak dependency assumptions asymptotic results are for instance shown in
Borovkova, Burton and Dehling [4], in Denker and Keller [8] or more recently in
Leucht [16]. The case of long memory processes is treated in Dehling and Taqqu
[5, 6] or in Lévy-Leduc et al. [17]. For a general overview we refer to the books of
Serfling [21] and Lee [15]. The methods applied in the proofs are quite different.
One way are decomposition techniques like the famous Hoeffding decomposition
or Hermite expansion as for example in |5, 6, 17|. Another approach is to use em-
pirical process theory (see e.g. [1, 18]). In Beutner and Zahle [2]| this method was
recently combined with a continuous mapping approach to give a unifying way to
treat the asymptotic theory for both U- and V-statistics in the degenerate and
non-degenerate case.

In this paper we are concerned with U- and V-statistics where the underlying
data comes from a (possibly discontinuous) It6 semimartingale of the form

t t
Xt = X() + / bsds + / O'SdWS + Jt, t> 0, (Bl)
0 0

where W is a standard Brownian motion, (bs)s>0 and (os)s>0 are stochastic pro-
cesses and J; is some jump process that we will specify later. Semimartingales play
an important role in stochastic analysis because they form a large class of integra-
tors with respect to which the It6 integral can be defined. This is one reason why
they are widely used in applications, for instance in mathematical finance. Since
the seminal work of Delbaen and Schachermayer [7] it is known that under cer-
tain no arbitrage conditions asset price processes must be semimartingales. Those
price processes are nowadays observed very frequently, say for example at equidis-
tant time points 0,1/n,...|[nT| /n for a fixed T € R and large n. It is therefore of
great interest to infer as many properties of the semimartingale from the given data
X0, X1/ns- -+ X|nT|/n as possible for large n. In particular we are interested in the
limiting behavior when n tends to infinity. This setting is known as high frequency
or infill asymptotics and is an active field of research since the last decades. For a
comprehensive account we refer to the book of Jacod and Protter [12].

In Podolskij, Schmidt and Ziegel [18] an asymptotic theory for U-statistics of
continuous Itd6 semimartingales (i.e. J; = 0 in (B.1)) was developed in the high
frequency setting, where a U-statistic of order d is defined by

U(X,H) = (") - 3 H(VnALX,...,v/nAL X),

d
1<) <...<ig<|nt]

for some sufficiently smooth kernel function H : R? — R and ATX = Xy —
X(i—1)/n- In [18] it is shown that U(X, H)} converges in probability to some func-
tional of the volatility o. Also an associated functional central limit theorem is
given where the limiting process turned out to be conditionally Gaussian.
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In this paper we will extend those results to the case of discontinuous It6 semi-
martingales X. A general problem when dealing with discontinuous processes is
that, depending on the function H, the U-statistic defined above might not con-
verge to any finite limit. Therefore, in this work, we will deal with the slightly
different V-statistics, where by V-statistic of order d we mean a statistic of the
type

Y(H, X, 1) Z > H(W/nA}X,A7X),

'LGB"( ) jeBy(d—1)
where 0 <[ < d and

Bi(k) = {i=(i1,...,ix) EN" |1 <iy,...,ip < [nt]}  (keN).

In the definition of Y;"(H, X,l) we used a vector notation, that we will employ
throughout the paper. For s = (s1,...,54) € R? and any stochastic process (Zs)scr,
we write

Zy=(Zsy, .. Zs,).

Comparing the definitions of the U- and V-statistics we can see that they are of
very similar type if [ = d. In fact, for continuous X, both statistics will converge
to the same limit if H is symmetric. A major difference is the scaling inside the
function H whenever [ # d. Already for d = 1 we can see why we need different
scaling depending on the function H. In Jacod [11]| the author considers (among
others) the statistics

I_ntj [nt]
YM(H, X, 1) = ZH[A”X) and Y/(H,X,0) = ZHA”X

for some function H and d = 1. To give an example we consider the so-called
power variation, for which H,(x) = |z|P. The results in [11] yield that, in the case
0 < p < 2 and under some additional assumptions, we have

t
Y;:R(Hvaa 1) — mp/ los|Pds,
0

where m,, is the p-th absolute moment of a standard normal distribution. It follows
then that Y;"(Hp, X,0) would explode for this specific H,. On the other hand, if

p > 2, we have

Y/ (Hp, X,0) — Y |AX, (B-2)

s<t

where AX; = AX, — AX,_ stands for the jumps of X. Clearly this implies that
Y"(Hp, X, 1) diverges in this case. For the associated central limit theorems the
assumptions need to be stronger. One needs to require 0 < p < 1 for Y;*(Hp, X, 1)
and p > 3 for Y"(H,, X,0). The limiting processes will in most cases again be
conditionally Gaussian (see Theorems B.3 and B.13 for more details). The structure
however is quite different. In the p < 1 case the conditional variance of the limit will
only depend on the continuous part of X, whereas in the p > 3 case the conditional
variance is more complicated and depends on both the jump and the continuous
part of X.
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To accommodate these different behaviors we will in our general setting of V-
statistics Y;*(H, X, 1) of order d consider kernel functions of the form

l d—l1
H(l‘l, e T YLy 7ydfl) = H ’xz‘pl H ‘yj’qu(iUl, e T YLy 7ydfl)7
i=1 j=1

where L has to fulfill some boundedness conditions and needs to be sufficiently
smooth. Further we assume p1,...,p; < 2 and q1,...,q4—; > 2. Clearly there are
two special cases. If [ = 0 we need a generalization of (B.2) to V-statistics of higher
order. If I = d the V-statistic is of similar form as the U-statistic U (X, H)} defined
above. In particular we need to extend the theory of U-statistics of continuous It6
semimartingales in [18] to the case of discontinuous It6 semimartingales. Finally,
in the sophisticated situation of arbitrary [, we will combine the two special cases.
The limiting processes in the central limit theorem will still be (in most cases)
conditionally Gaussian.

The paper is organized as follows. In Section B.2 we give some basic definitions
and the notation that we use. In Section B.3 we present a law of large numbers and
a central limit theorem in the case [ = 0 for a slightly more general statistics than
Y,"(H, X,1). In Section B.4 we use those results in order to obtain, under stronger
assumptions, again a law of large numbers and an associated central limit theorem
for Y*(H, X,1) for general [. In the appendix we will prove, besides some technical
results, a uniform central limit theorem for U-statistics, which can in some sense
be seen as a generalization of the results for U-statistics given in [18] and which is
crucial for the proof of the main Theorem B.13 in Section B.4.

B.2 Preliminaries

Throughout the paper we will assume that for some 7' € Ry = {x € R|x > 0} the
process

t t
Xy =Xo+ / bsds +/ osdWs + (61 5<1y) * (P — @) + (61 551)) * Pr,
0 0

defined for ¢ € [0,77], is a 1-dimensional Itd-semimartingale defined on a filtered
probability space (2, F, (Ft)i>0, P) that satisfies the usual assumptions. Further we
require that W is a Brownian motion and p is a Poisson random measure with
compensator q(dt,dz) = dt @ A(dz) for some o-finite measure A. Also we assume
that b is locally bounded and o is cadlag and that ¢ is some predictable function
on 2 x Ry xR.

Moreover we will use the following vector notation: If p = (p1,...,pn),® =
(x1,...,2,) € R", then we let |x[P := [];_, |zx|P*. Define further p < x <= p; <
z;foralll <i<n IfteRwelet x <t <= x; <tforalll <i<n. Also we
define |z|t = |r1]*- - |zs|t. By ||-|| we denote the maximum norm for vectors and
the supremum norm for functions.

Finally we introduce the notation

B() = {p R SR ‘ par,.eya) = 3 far | fa, A € RY ﬁnite}. (B.3)
acA

We will assume in the whole paper that K is some generic constant that may change
from line to line.
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B.3 The jump case

In this section we analyze the asymptotic behavior of the V-statistic V(H, X, 1)}
defined by

n 1 n 1 n

ieBr(d)

for different types of continuous functions H : R — R. As a toy example in the
case d = 2 serve the two kernel functions

Hl(l'l,xg) = |$1|p and Hg(xl,l'g) = |.I1£L‘2|p

for some p > 2. Already for these basic functions it is easy to see why there should be
different rates of convergence, i.e. different [, in the law of large numbers. Consider

{’I’Lt J [nt] [nt]

2
1
V(HL X 0)P = 55 S IATX[P and V(Hy, X, 1)} = = (Z |A?X|P> .
=1 =1

In order to get convergence in probability to some non-trivial limit we know from
the 1-dimensional theory (see (B.2)) that we have to choose [ =1 for H; and | = 2
for H.

In the following two subsections we will provide a law of large numbers and an
associated central limit theorem for the statistics defined at (B.4).

Law of large numbers

For the law of large numbers we do not need to impose any additional assumptions
on the process X. We only need to require that the kernel function H fulfills (B.5),
which is in the d = 1 case the same condition that is given in [11]. We have

Theorem B.1. Let H : R — R be continuous and 1 <1 < d such that

lim H(xl,...,a;d)

—= =0. B.5
(z1,...,1)—0 ’331‘2 et \le ( )

Then, for fized t > 0,
V(H, X, )} — V(H,X,1),:=t""" Y H(AX,,0).
s€(0,¢]
Remark B.1. Note that we can write H in the form

H = |.CL‘1 t e '$l|2L($1,...,.CCd),

where

zgzy 2 ? if x P 07
L(xy,...,xq) = EIEETIE 1 . 1 #
0, otherwise.

By assumption (B.5), L is continuous and consequently the limit V (H, X, 1), is well-
defined, since the squared jumps of a semimartingale are absolutely summable.
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Remark B.2. Condition (B.5) is stated in a somewhat asymmetric way because
it only concerns the first [ arguments of H. Generally one should rearrange the
arguments of H in a way such that (B.5) is fulfilled for the largest possible [. In
particular, H(z1,...,2;,0) is not identically 0 then, which will lead to non-trivial
limits.

Proof of Theorem B.1. Let t > 0 be fixed. The proof will be divided into two parts.
In the first one we will show that

n 1 n n n
G Y (HAX) ~ HALX... ALX.0) S50

i€BY(d)
Then we are left with proving the theorem in the case | = d, which will be done in
the second part.

Since the paths of X are cadlag and therefore bounded on compacts by a con-
stant Ay(w) = supp<s<; | Xs(w)], we have the estimate

n 1 n n n n
€< — > ALK - ALX[P6 4, (max(AT, X, |AT X))
i€BP(d)
[t oy [t ]
_ (ZAyX,2> Y S (max(1Ag, X [ALXD),
i=1 $a1yeeeyig=1
where

01,4,(¢) = sup{|L(@) — L(y)| | =,y € [-24;,24/]%, | —y| < ¢}, >0

denotes the modulus of continuity of L.
We will now use the elementary property of the cadlag process X, that for every
€ > 0, there exists N € N such that |[A?X| < 2¢ for all n > N, if X does not have
i1 i

a jump of size bigger than € on (T, E] Since the number of those jumps is finite,

we obtain for sufficiently large n the estimate
[nt]
d—l Z 5L,At (max(|A” X|> SRR |AZZX|)) < td_léL,At (26) +

24+1

K(o)

. : n
Uip1seeslg=1

Using the continuity of L, the left hand side becomes arbitrarily small, if we first
choose € small and then n large. From [13] we know that

[nt] ¢
XX = Y ATX P D (X, X, = / o2ds+ 3 |AXP, (B.6)
i=1 0 0<s<t
and thus we obtain £ — 0.
For the second part of the proof, i.e. the convergence V(H, X, 1)} = V(H,X,1l)
in the case [ = d, we define the functions g’ : R - R by

[nt]
gr(@) = IAFXPL(z1, . w1, AP X, @y, Tg1)
i=1
— Z |AXS‘2L($1, ey L1, AXS,{L'k, “e ,xd,1>

s<t



52 Paper B

and deduce

\V(H, X,d)" — V(H,X,d)] ‘ S H@AX) - Y H(AX,)
1€B(d) s€(0,t]¢
d
:’ > S OHAIXAX) - Y ST H(APX, AXS)H

k=1 4eBl(k) s€[0,t]4—* 1B} (k—1) s€[0,t]d—k+1
d
<3 X X s g (@)
= ol <24,

By using (B.6) again we see that it remains to show sup| <24, |95 ()| — 0 for

1 <k < d. In the following we replace the supremum by a maximum over a finite

set and give sufficiently good estimates for the error that we make by doing so.
For any m € N define the (random) finite set A" by

A;"::{k’k:ez |k|<2At}
m

Then we have

sup |gp(z)| <  max |gp(e)l+  sup g (w)—gr(y)| = F1(m)+(Ea(m).
||| <2A; zE(AP)4~ llell 1l <24,
le—yl<1/m

Since the sets A7 are finite, we immediately get (') (m) —> 0 as n — oo from
Remark 3.3.3 in [12] for any fixed m. For the second summand (j5(m) observe that

|t
(Calm)| < (Do IAZX P + D7 [AX[) o, (m "),

i=1 s<t
which implies

lim limsup P(|¢;o(m)| > €) =0 for every e > 0.

m—=00 n—oo

The proof is complete. O

Central limit theorem

In this section we will show a central limit theorem that is associated to the law of
large numbers in Theorem B.1. The mode of convergence will be the so-called stable
convergence. This notion was introduced by Renyi [20] and generalized the concept
of weak convergence. We say that a sequence (Z,,)nen of random variables defined
on a probability space (€, F,P) with values in a Polish space (E, &) converges
stably in law to a random variable Z that is defined on an extension (', F',P’) of
(Q, F,P) and takes also values in (E, &), if and only if

E(f(Z,)Y) = E(f(Z2)Y) as n— oo

for all bounded and continuous f and bounded, F-measurable Y. We write Z,, ——
Z for stable convergence of Z, to Z. For a short summary of the properties of
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stable convergence we refer to [19]. The main property that we will use here is that
if we have two sequences (Y, )nen, (Zn)nen of real-valued random variables and real-
valued random variables Y, Z with Y;, — Y and Z, - Z , then we automatically
obtain joint convergence (Z,,Y,) —— (Z,Y).

In contrast to the law of large numbers, we need to impose some assumptions
on the jumps of the process X. We assume that |d(w,t,2)] A1 < T'y(2) for all
t < 7,(w), where 7, is an increasing sequence of stopping times going to infinity.
The functions I',, are assumed to fulfill

/Fn(z)Q)\(dz) < 00.

Since the main result of this section, which is Theorem B.5, is stable under stopping,
we may assume by a standard localization argument (see [12, Section 4.4.1]) that
the following boundedness condition is satisfied:

bl <A, o <A, X <A [5(t,2)| <T(z) < A

holds uniformly in (w,t) for some constant A and a function I' with

/I‘(z)Q)\(dz) < A.

A common technique for proving central limit theorems for discontinuous semi-
martingales is to decompose the process X for fixed m € N into the sum of two
processes X (m) and X'(m), where the part X’(m) basically describes the jumps
of X, which are of size bigger than 1/m and of whom there are only finitely many.
Eventually one lets m go to infinity.

So here we define D,,, = {z|I'(z) > 1/m} and (S(m, j));j>1 to be the successive
jump times of the Poisson process 1¢p, \p,,_,} * p. Let (Sq)g>1 be a reordering of
(S(m, ), and

Pm=A{p|Sp=95(k,j) for j > 1,k <m},
t
Pf(m)z{pepm sp<“”},

n
Pe(m) ={p € Pm | Sp < t}.

Further let
R_(n,p) = V/il(Xs, — Xi1)
Ry(n,p) = Vn(Xi — Xs,)
R(n,p) = R_(n,p) + Ry (n,p),

if =1 <5, < L. Now we split X into a sum of X (m) and X’(m), where X’(m) is

n

the “big jump part” and X (m) is the remaining term, by

b(m), = b, — / d(t, z2)A\(dz)
{Dmn{z[l6(t,2)|<1}}

X(m)e = /0 b(m)sds "‘/0 osdWs + (61 pe ) * (p —q)¢
X'(m)=X — X(m) = (61p,,) * p.
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Further let €, (m) denote the set of all w such that the intervals (%,
contain at most one jump of X’(m)(w), and

X () (@)rss — X (m)(w)] < % for all £ € [0,7], s € [0,n"].

Clearly, P(2,(m)) — 1, as n — oo.

Before we state the main result of this section we begin with some important
lemmas. The first one gives useful estimates for the size of the increments of the
process X (m). For a proof see [12, (2.1.44) and (5.1.24)].

Lemma B.2. For any p > 1 we have
E(|X (m)ers — X (m)P|Fe) < K(s®/2M 4 mPsP)
for allt >0,s € [0,1].

As a simple application of the lemma we obtain for p > 2 and ¢ € Bj*(d) with
<<y

E[ALX(m) ... |AL X (m)P]
= E[ALX(m)P ... [AY, X (m)PE[|ALX (m)]?|Fiya ] |
<K(E ™Y BlALX )P .. |AL X)) <o < T

for some positive sequence K (n,m) which satisfies limsup,,_, . K(n,m) < K for
any fixed m. Consequently, for general ¢ € B}(d), we have

B[IALX ()]« |ALX ()] < K (n, m)n il

Since the number of elements ¢ = (i1,...,iq) € Bf*(d) with # {i1,...,iq} = k is of
order n¥, we obtain the useful formula

E[ 3 ]AZX(m)|p-...-|A?dX(m)|p] < K(n,m), (B.7)
ieBr(d)
and similarly
*E[ > lanx 1AL X (m)PIALX(m)]| < K(nom).  (BS)
1€B} (d)

The next lemma again gives some estimate for the process X (m) and is central
for the proof of Theorem B.5.

Lemma B.3. Let C > 0 be a constant. Assume further that f : Rx[-C,C]4"! = R
is defined by f(x) = |xv1|Pg(x), where p > 3 and g € C(R x [~C,C|47Y) is twice
continuously differentiable in the first argument. Then we have
[nt]
<]lQ m)f’Z( AnX ) xQ,...,xd)— Z f(AX(m)S,xQ,...,xd))D

< B (t)

for some sequence (B, (t)) with B (t) — 0 as m — oo, uniformly in xa,...,xq.
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Proof. The main idea is to apply It6 formula to each of the summands and then
estimate the expected value. For fixed xg, ..., x4 this was done in |12, p. 132]. We
remark that the proof there essentially relies on the following inequalities: For fixed

€ [-C,C)% 1 and |z| < 1/m (m € N) there exists 3,,(2) such that 3,,(z) — 0 as
m — oo and

|f(z,2)] < Bm(2)[al®, [01f(x,2)] < Bm(2)[2l?, 0] f (2, 2)| < Bm(2)|z].  (B.9)

Further, for x,y € R, define the functions

]{(.%',y, Z) = f($ +v, Z) - f(ZL‘,Z) - f(yvz)v g(x,y, Z) = k:(:v,y,z) - 81f(x,z)y.

Following [12] we obtain for |z| < 3/m and |y| < 1/m that

|k(x,y, 2)] < KBm(2)|zllyl. lg(z,y, 2)] < KBm(2)|zlly[*. (B.10)

Since f is twice continuously differentiable in the first argument and z lies in a
compact set, the estimates under (B.9) and (B.10) hold uniformly in z, i.e. we can
assume that the sequence 3,,(z) does not depend on z, and hence the proof in [12]
in combination with the uniform estimates implies the claim. O

At last we give a lemma that can be seen as a generalization of the fundamental
theorem of calculus.

Lemma B.4. Consider a function f € C4(R?). Then we have

o s

k=11<i1 << <d
o”’ik tee 8i1f(gi1,...,ik (81, NN sk))dsk e dSl,

where gi, i, : RF — RY with

0, if j&{ir,... ir}
s;, if j=1.

(Giyoin (815 81))5 = {

Proof. First write

=
M&

f(xl,...,:ck,(),...,())—f(:nl,...,a:k_l,O,...,O)),

b
Il
—

which yields

d Tk
0)—|—Z/ Of(xy,...,x5-1,t,0,...,0) dt.
k=1"0

Now we can apply the first step to the function g;(z1,...,25—1) := O f(21,...
Zk—1,t,0,...,0) in the integral and by doing this step 1terat1vely we finally get the
result. O
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We still need some definitions before we can state the central limit theorem (see
for comparison |12, p. 126]). For the definition of the limiting processes we introduce
a second probability space (€', 7', ) equipped with sequences (¢n+)n>1, (¥n—)n>1,
and (kp)p>1 of random variables, where all variables are independent, ¢+ ~
N(0,1), and k, ~ U([0,1]). Let now (7,)n>1 be a weakly exhausting sequence
of stopping times for the jumps of X. We then finally define a very good filtered
extension (Q, F, (F;)i>0, P) of the original space by

Q=QxQ, F=FeF, P=PxP.

The filtration F; is chosen in such a way that it is the smallest filtration containing
Fi and that k, and ¢+ are Fr, -measurable. Further let

R, =Ry + Ryy, with R, = vV K0T, —VYn—y Rpp =+v1-— “nUTn¢n+-
Also define the sets
Ai(d —{LECdHRd‘hm@kL(ccy)—OforallweRlk—l—i—l .,d}

forl=1,...,d.
Remark B.3. The following properties hold:
(1) A(d) = CHHL(RY) for | = d.
(ii) If f,g € Ai(d), then also f + g, fg € Ai(d), i.e. Aj(d) is an algebra.
(iii) Let f € C¥1(R) with f(0) = 0, then
L(z1,...,zq) = f(x1-...-zq) and L(z1,...,2q) = f(z1)+ -+ f(2q)
are elements of A;(d) for all 1 <1 <d.
We obtain the following stable limit theorem.

Theorem B.5. Let 1 <1<d and H : R? — R with H(x) = |z1|P* -... |2 |P' L(x),
where pi,...,p >3 and L € Ai(d). For t > 0 it holds that

\/ﬁ(V(H, X, — V(H, X, l)t)

l
LS U(H, X, 1) = 0! > > 0H(AXy, ... ,AX7, ,0) Ry,
ki,osky: Ty o Ty <t j=1

The limit s F-conditionally centered with variance

l
E(U(H, X,1)2|F) = L2~ l>2(z (H,X,1,AX, )) (02 +0?),

s<t k=1
where
Ve(H, X,1,7)
= > WH(AX,,,...,AX,, ,y,AX

S1yeeeySk—1,Sk+1y---,SISE

AX,,,0).

Sk417° "

Furthermore the F-conditional law does not depend on the choice of the sequence
(Tk)ken and U(H, X, 1); is F-conditionally Gaussian, if X and o do not have com-
mon jump times.
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Remark B.4. In the case d = 1 this result can be found in Jacod [11] (see Theorem
2.11 and Remark 2.14 therein). A functional version of the central limit theorem
in the given form does not exist even for d = 1. For an explanation see Remark
5.1.3 in [12]. In order to obtain functional results one generally needs to consider
the discretized sequence

In the proof below we would have to show that all approximation steps hold in
probability uniformly on compact sets (instead of just in probability), which seems
to be out of reach with our methods. What we could show with our approach is
that Theorem B.5 holds in the finite distribution sense in t.

Remark B.5. In the case that the limit is F-conditionally Gaussian we can get a
standard central limit theorem by just dividing by the square root of the conditional
variance, i.e.
n(V(H,X,)} —V(H,X,I
VA(VULX DR VLX) o
VE(U(H, X, D}IF)

Since the conditional variance is generally unknown, we might need to consistently
estimate it in order to obtain a feasible central limit theorem.

Proof. In the appendix we will show that U(H, X,[); is in fact well-defined and
fulfills the aforementioned conditional properties. To simplify notations we will give
a proof only for symmetric L and p; = --- = p; = p for some p > 3. Note that in
this case H is symmetric in the first [ components, which implies

8jH({E1,... ,xl,O,...,O) = 81H(xj,x2,... ,1‘3'_1,1'1,1']'4_1,...,1'1,0,...,0).
Therefore, we have for fixed j

Z ORH(AXT, ..., AXT, ,0)Ry,
kl,...,kli
Ty ey Ty <t
= > 01 H(AXr,  AX7,, ..., AX7,

k1,....kp:
Ty Ty <t AXy ,AXg, o AXy 0) Ry,

J

17
J

= ). O0H(AXp,,...,AX7 ,0)Ry,,

and thus the limit can be written as

U(H, X, 1), = t¢ Z OH(AXr, ,...,AX7 ,0...,0)Ry,.
kl...,kl:Tkl ""’Tkl <t

Later we will prove /n(V (H, X, 1) 1) — V(H, X,1);) — 0 as n — 00, so it will be
enough to show the discretized version of the central limit theorem, i.e.
& = Vn(V(H, X, 1)} = V(H, X,1) 1) = U(H, X, D). (B.11)

For the proof of this result we will use a lot of decompositions and frequently apply
the following claim.
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Lemma B.6. Let (Z,)nen be a sequence of random wvariables, where, for each
m € N, we have a decomposition Z, = Zn(m) + Z(m). If there is a sequence
(Z(m))men of random variables and a random variable Z with

Zn(m) — Z(m), Z(m) —— Z, and lim limsupP(|Z.(m)| >n) =0

n—oo m—+oo m—00 n—»00

for allm >0, then
Zy = Z.

Proof. For a proof of this result see [12, Prop. 2.2.4]. O

For the proof of (B.11) we will successively split & into several terms and then
apply Lemma B.6. As a first decomposition we use

&' = Lo, m)ét + Lova,m)&t -

Since P(2,(m)) — 1 as n — oo, the latter term converges to 0 almost surely as
n — 00, so we can focus on the first summand, which we further decompose into

I d— l l

k=0 J:O k=1

with

B

¢"m) = Y (0 H A X (m)
ieBr(d)

— )T HAX (M), AX(m)ul,O))

|nt]
ULy up S

Gm=Yt Y Y

p,ePR(m)k  d€BY(-k)
qu”(m)J 7’68 (d—1—3)

R ’
Bk,jH<AXSp + (\/,E )

N \/ﬁ !
Ceylm) == D >
pyqe'Ptn(m)kXJ iEB?(l—k)
reB(d—1—j)

—~

R(n, q)
\/ﬁ

(AFX (m), AXs, + ARX(m))

T

R(n,p)
\/ﬁ

n [nt] 4
G (m) = \/ﬁm Z Z

pEPP (m)k uk+1,...,ulgh:l—”

<l> (AXSP,AXUM( ),...,AXul(m),O)

()

5k’,]H< 7A?X(m)a

where
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The prime on the sums indicates that we sum only over those indices ¢ and r such
that A?X'(m) and A7 X’(m) are vanishing, which in other word means that no big
jumps of X occur in the corresponding time intervals.

The basic idea behind the decomposition is that we distinguish between intervals
(1n1, 721] where X has a big jump and where not. Essentially we replace the original
statistic &' by the same statistic (" (m) for the process X (m) instead of X. Using
the trivial identity

> OHAIX) = Y HAIXm)+ Y (H(AIX) - HAIX (m))

ieBr(d) ieBr(d) ieBr(d)

we can see that an error term appears by doing this. Of course, we have A? X (m) =
AZ?X if no big jump occurs. In the decomposition above, C,?J(m) - Q:,’;j(m) gives
the error term if we have k big jumps in the first [ coordinates and j big jumps in
the last d — [ coordinates. In the same manner the term (}'(m) takes into account
that we might have big jumps in k arguments of H(AX,,,...,AX,,,0). All the
binomial coefficients appear because of the symmetry of H in the first [ and the
last d — [ arguments. Note also that this decomposition is not valid without the
indicator function Lg ().
In the appendix we will prove the following claim.

Proposition B.7. It holds that

I d-l
Lo )| 30D (G m) = G (m)

k=0 j=0

G (m) = (Gflg(m) = ¢ (m)| — 0

MN

b
Il

1

if we first let n — oo and then m — oo.

So in view of Lemma B.6 we are left with considering the terms (J%y(m) — (/*(m)
and (,(m), where the first one is the only one that contributes to the limiting
distribution. We will start with proving the three assertions

hmhmmthMme() (y(m) >n) =0 forall >0,  (B.13)

Lo, (m)((o(m) — ¢'(m)) == U(H, X'(m),1);, asn — oo, (B.14)
U(H, X' (m)), - U(H, X, 1), as m — oo, (B.15)
where
. R(n,
Go(m) = ﬂ H(AXsp + (\T/Lﬁp),O).

pePP(m)t jeBY (d—1)

For (B.13) observe that we have
m)|Cio(m) —éfo(m)‘

- ‘AXS,, fR( n,p)

pePt m)l

d—1
x Y Y sup 0k L(, y)[| AT X (m)] + Op(n~/?)
GeBp(d—1) k=1 ®E[-24,24]
ye€[-2/m,2/m]?~!

’p vn
nd—1
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by the mean value theorem. The error of small order in the estimate above is due
to the finitely many large jumps, which are included in the sum over 7 now, but do
not appear in (;(m) by definition. Clearly,

1
lim limsuplim sup[F’( Z ‘AXSP + 7R(n’p)‘p > M) =0,
M—o0 m—oco n—oo pEPy (m)! \/ﬁ

and by Lemma B.2 we have

\/ﬁ d—l1
BV S Y sw sup |opL(w, y)l| A% X (m))

FEBP (d—1) k=1 TE[-2A4,24] y&[-2/m,2/m]4~!

< K1+ mn_1/2) sup sup Ok L(z,y)|,
ze[—24,2A] ye[-2/m,2/m]d!

which converges to 0 if we first let n — oo and then m — oo, since L € A;(d) and
[-2A4,2A]" is compact. This immediately implies (B.13).

For the proof of (B.14) we need another Lemma, which can be found in [12,
Prop. 4.4.10].

Lemma B.8. For fized p € N the sequence (R(n,p))nen is bounded in probability,
and

(R(n7p)—7R(n7p)+>p21 I (Rp—vaJr)le

as n — 0.

Then we have, by the mean value theorem, Lemma B.8, the properties of stable
convergence, and the symmetry of H in the first [ components

Lo, (m)({fo(m) — ¢ (m ))
:\/mgn(m)<tnt 3 [ (AXSP—F\/IER(n,p),O) —H(AXS,,,O)D
PEPI(m

S U(H, X (m), 1), = 112! Z 81H(AXSP,O>RP1 as n — 0o,
PEP:(m)!

i.e. (B.14). For the proof of (B.15) we introduce the notation P, = {p € N| .S, < t}.
We then use the decomposition

U(H,X,l)t — U(H,X'(m),l)t

l
= - Z Z Z Z 01 H(AXs,, AXs, ,AXs,,0)Ry,

k=1 pepF=1 p€P\Pr(m) rePy(m)!—F
l
=: |17 Z Yr(m
k=1

We have to show that, for each k, ¢ (m) converges in probability to 0 as m — co.
We will give a proof only for the case k = 1. Therefore, define the set

A(M) = {w = Q‘Z(\Axs(w)\umxs(w)ﬁu|Axs(w)y2p—2) < M}, M eR,.

s<t
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Then we have

P([g1(m)| > n) < B(gn(m)[Laar) > 1/2) + PQ\A(M)). (B.16)
By the continuity of L and 0, L, and since the jumps of X are uniformly bounded
in w, we get

P(|th1(m)|Lacary > n/2) < KE(LaanE(W1(m)?|F))

2
gKE(ﬂA( ) ( 3 81H(Ang,AXgr,0,...,0)>>
qEP\Pe(m) rePy(m)l-1

2(1—1)
< kE(Lipy 3 (axs, 4 AP 3 axeP) )
qEP\P(m rePy(m)
<EMUE (L 3 (8K P4 1AXS ) 0

q€P\Pe(m)

as m — oo by the dominated convergence theorem. Since the second summand in
(B.16) is independent of m and converges to 0 as M — oo, we have

P(|¢hy(m)| >n) = 0 forall 7 > 0.

The proof for the convergence in probability of ¥ (m) to 0 for 2 < k < is similar.
It remains to show that

lim limsup P(1g, (m)|¢" (m)| >n) =0 (B.17)

Mm—00 n_ oo

for all n > 0.
Again, we need several decompositions. We have

d—l
Cmy =iy S HAIXm) - DTS H(AX(m),0))

i€BP(d) u€e0,n=1nt|]
1 . [nt] ¢ n
ie€Br(d) €8 (1)
nt| 4 n nt] !
+ \/ﬁsz—Jl > H(A}X(m),0) - bd_Jl > H(AX(m>wO)>
ieBr(l) u€el0,n=1nt|]t

= U™ (m) + U (m).

First observe that we obtain by the mean value theorem, and since X is bounded,

W) = Y ST AR X (m) - AP X (m)

nd—l.
i€By(d) |L(MX( )) — L(AL X (m),..., A} X (m),0)|

VS S AL X () A X ()AL X ()
268"( ) k=I+1
=K<d—z>ndf3 > 1AL X (m) - AR (m)7|AT,, X (m)
i€BP (d)
< e X ALX () ALX(m)PIAY,, X(m).

1eBP(1+1)
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By (B.8) and limsup,,_,., K(m,n) < K we get

lim limsup E(1q,, () [¥7T (m)]) = 0.

m—00 n—oo

When showing that W5 (m) converges to 0 we can obviously restrict ourselves to
the case [ = d. We need further decompositions:

d
T (m) :\/HZ( S S H(AIX(m), AX(m)s)

k=1 eB?(k [nt]yd—
1eBY( )36(07%1(1 k

d
- XY HOIX(m)AX(m))) = Wim, ).

1B (k—1) Se(oyﬂ]d—k-{—l k=1
For a fixed k we have
Ui(m,k)= > |ALX(m)--- A7 X(m)P
ie€Br (k—1)
x> |AX(m) o AX(m)s,
se(0, Lt jd—k

[t
x v/ ST IARX (m)PLATX (m), ATX (m), AX (1))
j=1

= Y IAX (M) PLIAFX (m), AX(m)u, AX (m),) ),
u< Lot
where we denote the latter factor by ©}(m,%,s). What causes problems here is
that ©}(m,%,s) depends on the random variables A?X (m) and AX(m)s and we

therefore cannot directly apply Lemma B.3. To overcome this problem we introduce
the function f, € C4T1(R471) defined by

fy(w) = |y’pL($17 ey T—1,Y, Tle4-1,5 - - - 7xd)'
Then we have

[nt]
o7 (m,i,s) = \/ﬁ(z Farx(m) (AP X (m), AX (m)s)
j=1

= Y Faxim(ATX(m), AX(m),)).

u<lntl
Now we replace the function f, according to Lemma B.4 by

fy<w>—fy<o>+§d: 3 /0 /0

k=11<i1 << <d

aik e &-lfy(g,-h.__,ik (81, ey Sk))dsk . dsl.
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Since all of the appearing terms have the same structure we will exemplarily treat
one of them:

L] rAXE (m)
\/ﬁ‘ Z/ |ATX (m) POy L(s1,0, ...,0, AX (m),0,...,0)ds)
j=1"0
AXinl(m)
-y |AX(m)u|p81L(sl,0,...,O,AX(m)u,O,...,O)dsl‘
< lnt 70

2 [ nt]

/QI‘Z\A"X m)[PO1L(s1,0,...,0, A7 X (m),0,...,0)

-y |AX(m)u]p81L(sl,0,...,O,AX(m)u,O,...,O)’dsl.
uslid

This means that we can bound |0} (m, 4, s)| from above by some random variable
O} (m) which is independent of 4 and s and which fulfills

lim limsup E[Lg, )(:)Z(m)] =0 (B.18)

Mm—0o0 n_ 0o

by Lemma B.3. Using the previous estimates we have

w3 (m. ) (ijij ) (S isxer)

u<lntl
Clearly the latter two terms are bounded in probability and therefore (B.18) yields
lim limsup P(1g, (m)|¥5(m)| >n) =0,

m—oo n—oo

which proves (B.17).
The last thing we have to show is

Vi (V(H, X0 = VH, X,0) 1 ) =0,
e.g. in the case [ = d. From [12, p. 133] we know that in the case d = 1 we have
Vi Y AXG [P0 (B.19)
%<Sk§t

The general case follows by using the decomposition

Va( Y HAX. AX) - Y H(AX,...,AK,))|

814.0,Sq <t

317--~’5d§%
d
:)ﬁz< 3 D H(AXSI,...,AXSd)N
k=1 51""’Sk_1§t5k+1 7Sd§M M<Sk§t
d
<> > 2.
k=1s1,....,5,_1<t ShglseeySa< [nt]
IAX,, - AX,, 1AXsk+l---AX5d|p(\/ﬁ 3 |AXSk\p),

[nt]
T<8k§t
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which converges to 0 in probability. Hence the proof of Theorem B.5 is complete. [

As a possible application of the theory we want to indicate how one could obtain
information about the jump sizes of the process X. For instance we will show how
one could test if all the jump sizes lie on a grid a4+ BZ for a given 3, but unknown
.

We start with a slightly more general situation and consider sets M C R, for
which we can find a non-negative function gps : R — R that fulfills gps(xz) = 0 if
and only if x € M, and such that the function Lj; : R> — R defined by Ly/(z,y) =
gu(z — y) lies in A2(2). Then our theory gives for Hys = |z|P!|y[P2Lys(x,y) that
the limit V' (Hps, X, 2) in the law of large numbers vanishes if and only if there is
a € R such that all jump sizes (which are not zero) lie in the set & + M. In other
words our theory enables us to give testing procedures to test if such an « exists.
As a more explicit example we consider the following one.

Example B.9. For given § € R consider the function
(e.y) =o'yl s (T 22),

Then we have
[nt]
> H(ATX,ATX)

ij=1

S L(B) = Y |AX,|*|AX,,|*sin® (”(AXSI_AXSQ)).

s1,52<t IB
It holds that L(/5) = 0 if and only if there exists an a € R such that
AX;ea+ pZ forall s<t with AXs #DO.

To formally test whether there exists an a € R such that the jump sizes lie in
the set a + BZ one would of course need to derive estimators for the conditional
variance of the limit in Theorem B.5.

B.4 The mixed case
In this section we will present an asymptotic theory for statistics of the type

1
YIH X D =— ) ), HWnAIX,AfX), (B.20)
i€BP (1) jeBP (d—1)

where H behaves as |z1|P - - - |z;|P for p < 2 in the first [ arguments and in the last
d — | arguments as |z;41]9---|z4|? for some ¢ > 2 . As already mentioned in the
introduction, powers < 2 and powers > 2 lead to completely different limits. This
makes the treatment of Y;*(H, X, () for general [ way more complicated than in the
case in which only large powers > 2 appear as in Section B.3. In fact we use the
results from Section B.3 and combine them with quite general results concerning
the case | = d, that we derive in the appendix. The limits turn out to be a mixture
of what one obtains in the p > 2 and p < 2 setting. In the central limit theorem we
get a conditionally Gaussian limit, where the conditional variance is a complicated
functional of both the volatility ¢ and the jumps of X.
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Law of large numbers

We will prove a law of large numbers for the quantity given in (B.20). As already
mentioned we will need a combination of the methods from Section B.3 and methods
for U-statistics of continuous It6-semimartingales that were developed in [18]. We
obtain the following result.

Theorem B.10. Let H(x,y) = |z1|P* - - ||y | T - |yg—i|9—tL(x,y) for some
continuous function L : R — R with p1,...,;m < 2 and qi,...,q4—1 > 2 for
some 0 < 1 < d. The function L is assumed to fulfill |L(x,y)| < u(y) for some
u € C(RYY). Then, for fized t >0

YPH, X)) -5 Yi(H X )= > / pi (0w, AX)du,
s€[0,t]d-1 (0.4

where
pu(x,y) = E[H (21U, ..., 2U;, y)]

forx € Ry e R and (Uy,...,U;) ~ N(0,id;).
Remark B.6. We can see that in the special case | = 0 we again obtain the

result from Theorem B.1. For | = d we basically get the same limit as the case of
U-statistics for continuous semimartingales X (see Theorem 3.3 in [18]).

Proof. By the standard localization procedure we may assume that X and o are
bounded by a constant A. We will start by proving the following two assertions:

1 n
sup | Z g(VnAl X, y) —/ lpg(au,y)du’ -5 0, (B.21)
YyE[—2A,2A]d1 ieB (1) [0,t]
sup ‘ Z pu(x, AFX) — Z pr(x, AXg)| = 0, (B.22)
2€-AA jepp(d-1) s€l0,1)-!

where g(x,y) = |z1|P*--- |z L(x,y). The proofs mainly rely on the following
decomposition for any real-valued function f defined on some compact set C' C R™:
If C' C C is finite and for any & € C there exists y € C’ such that ||z — y| < 0 for
some ¢ > 0, then

xz,yeC
le—yll<s

sup | f(x)| < max |f(x)[+ sup |f(z)— f(y)].
xecC xecC

Now denote the continuous part of the semimartingale X by X¢. For the proof of
(B.21) we first observe that for fixed y € R~/ we have

% > (9(VnA}X,y) — g(v/nA} X, y)) — 0.

ieB(l)

We will not give a detailed proof of this "elimination of jumps" step since it follows
essentially from the corresponding known case [ = 1 (see [12, Section 3.4.3|) in
combination with the methods we use in the proof of (B.23). Using the results of
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the asymptotic theory for U-statistics of continuous Ité6 semimartingales given in
[18, Prop. 3.2] we further obtain (still for fixed y)

1 n C
= > 9WnAIX S y) = [ pg(ou, y)du.

i€B2 (1) [o.)
To complete the proof of (B.21) we will show
1
gfm)i= s | S (g(VnAIX, @) - g(VAX,y))| <5 0 (B.23)
x,yc[— 2A2A]d 1 n ’LEB”()

le—yl <%

if we first let n and then m go to infinity. The corresponding convergence of the
integral term in (B.21) is easy and will therefore be omitted.

Let € > 0 be fixed such that max(pi,...,p;) + € < 2, and for all & > 0 and
k € N define the modulus of continuity

() i= sup lg(u, @) — g(u,y)] | [ull < k|| (@, 9)]l <24, @~ y| <},

Then we have

1
¢"(m) < K(dk(m™)+  sup Ly man g(VnAI X, @
m) ( g we[—2A4,2A]9— ' nt 'E%;(l) {H\fA,XHZk}’ )’)

Xe
n ieB} (1) j=1
—>K( keZH/ mpz+5us’0s’pl+6”ed5) as n — 0o,

j=11=1

where my, is the p-th absolute moment of the standard normal distribution and ¢;;
is the Kronecker delta (for a proof of the last convergence see [11, Theorem 2.4]) .
The latter expression obviously converges to 0 if we let m — oo and then k — oo,
which completes the proof of (B.21).

We will prove (B.22) in a similar way. Since py(x,y)/|y1 - ... ya_i|> — 0 as
y — 0, Theorem B.1 implies

> pu(@ AJX) > pu(x,AX,),

JEB(d—1) s€(0,t]d—!

i.e. pointwise convergence for fixed x € [~ A, A]'. Moreover,

sup Z ‘pH(ﬂf,A?X) —pH(y,A?X)‘

z,yc[—AAlL . _on
H:—[yu<i] geBi(d=0

d—1 |nt]
(HZ A”X|q’> sup sup ‘pg(m, z) — pg(y, z)|.

i=1 j—=1 zyc[—-A,A] ||z]|<24
lz—yll<&
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The term in brackets converges in probability to some finite limit by Theorem B.1
as n — 00, and the supremum goes to 0 as m — oo because p, is continuous. By
similar arguments it follows that

s > |pul@, AXS) — puly. AX,)| 0,

z,y€[—A,A]l d—1
s€|0,t
lle—yll< & [0.4]

if we let m go to infinity. Therefore (B.22) holds.
We will now finish the proof of Theorem B.10 in two steps. First we have

\% YooY HWRAIX AX) - Y /[OﬂlpH(au,A’;X)du‘

ieBp (1) jeBr(d—1) FEBI(d—1)
d—1 |nt]
S
i=1 j=1
1 n
X osup | Y g(ﬁAiX,y)—/ pg(aujy)du‘
ye[-24,241-1 1T 2ey [0,£)!

and the latter expression converges in probability to 0 by (B.21). From (B.22) we
obtain the functional convergence

(0s)o<s<t (0s)o<s<t
P
S opuAIX) | T Y pal(hAX)
JEBE(d—1) s€[0,t]d—!

in the space D([0,t]) x C([—A, A]"). Define the mapping
©:D([0,]) x C[R') =R, (f,9) — o g9(f (u1), ..., fw))du.

This mapping is continuous and therefore we obtain by the continuous mapping
theorem

> / i (0w, AJX)du — / pr (0w, AX)du,
) [Ovt}l [Ovt]l

JjeBy(d—I s€[0,t]d—!

which ends the proof. O

Central limit theorem

In the mixed case we need some additional assumptions on the process X. First we
assume that the volatility process oy is not vanishing, i.e. oy # 0 for all ¢ € [0,T],
and that o is itself a continuous It6-semimartingale of the form

t t t
ot = 09 —I—/ bsds +/ 0sdW —I—/ UsdV,
0 0 0

where bs, 55, and 0 are cadlag processes and V; is a Brownian motion independent
of W. As a boundedness condition on the jumps we further require that there is
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a sequence I';, : R — R of functions and a localizing sequence (7,)nen of stopping
times such that |0(w,t,2)| A1 < T, (z) for all w,t with ¢ < 7,(w) and

/ T (2)" A(d2) < 00

for some 0 < r < 1. In particular, the jumps of the process X are then absolutely
summable.

The central limit theorem will be stable under stopping, so we can assume
without loss of generality that there is a function I' : R — R and a constant A such
that 6(w,t,2) < T'(z) and

’Xt(w”? |bt(w)‘7 ‘Ut(w”ﬂ |Ut(w)71’ﬂ ’Bt(w”? |&t<w)” ’ﬁt(w)’ < A,

uniformly in (w,t). We may further assume I'(z) < A for all z € R and

/ T(2)"A(dz) < oc.

Before we state the central limit theorem we give a few auxiliary results. At some
stages in the proof of Theorem B.13 we will replace the scaled increments of X
in the first [ arguments by the first order approximation o := /noi—1 AW of

the continuous part of X. After several more approximations we will later see that
V(Y (H, X, 1) — Yi(H, X,1)) behaves asymptotically like

d
5 (; S S Ol (o} AXs,)Rin. )

q:5¢<t 1eBy (1) k=l+1

vy 3 Hlapaxs,) - [

pi(os, Ang)ds>> )
ieBp (1) [0.)

For now, consider only the term in brackets without R(n,qx). We can see that
if AXg, was just a deterministic number, we could derive the limit by using the
asymptotic theory for U-statistics developed in [18]. For the first summand we would
need a law of large numbers and for the second one a central limit theorem. Since
AXg, is of course in general not deterministic, the above decomposition indicates
that it might be useful to have the theorems for U-statistics uniformly in some
additional variables. As a first result in that direction we have the following claim.

Proposition B.11. Let 0 <1 < d and G : R! x [-A, A]%~" — R be a continuous
function that is of polynomial growth in the first I arguments, i.e. |G(x,y)| < (1 +
llz||”)w(y) for some p >0 and w € C([—A, A]%~Y). Then

n 1 n
IBt (Gu 93) = E Z G(Oéz’y) i>}:Blf(c;'fy) = / ZpG(O-S’y)dS
ieBP (1) [0.1]

in the space C([—A, A]9Y), where
pc(x,y) = E[G(z1Uh, ..., 2, y)]

for a standard normal variable U = (Uy,...,U;).
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Proof. This result follows exactly in the same way as (B.21) without the elimination
of jumps step in the beginning. O

In addition to this functional law of large numbers we further need the associated
functional central limit theorem for

UG =vi(y Y Glatw) - [

pc(os, y)ds) , (B.24)
ieBr (1) [0,¢)!

In order to obtain a limit theorem we will need to show tightness and the con-
vergence of the finite dimensional distributions. We will use that, for fixed y, an
asymptotic theory for (B.24) is given in [18, Prop. 4.3|, but under too strong assump-
tions on the function G for our purpose. In particular, we weaken the assumption
of differentiability of G in the following proposition whose proof can be found in
the appendix.

Proposition B.12. Let 0 <[ < d and let G : R* — R be a function that is even in
the first | arguments and can be written in the form G(x,y) = |x1|P* - - - |x;|P' L(x, y)
for some function L € C4TY(R?) and constants p1,...,p; € R with 0 < py,...,p <
1. We further impose the following growth conditions:

1Lz, y)| < u(y), L+ [z ™)uly) (1<i<a),

Oy -+ O, L@, y)| < (L+ a0 )uly), (1Sk<d1<ji<-<jp<d)

for some constants B;,v;,..j, = 0, and a function u € C(Rd*l). The constants are
assumed to fulfill v; +p; <1 fori#jandi=1,...,l,j=1,...,d. Then we have,
for a fitedt >0

(U} (G, ), (R=(n,p), Ree(,p) )p=1) = (Ue(G, ), (Rp—, Ry )p>1)

in the space C([—A, A]71) x RN x RN where (U(G, -), (Rp—, Ryt )p>1) is defined on
an extension (', F', P') of the original probability space, U(G, -) is F-conditionally
independent of (Kn, Ynt )n>1 and F-conditionally centered Gaussian with covariance
structure

C(y1,y2) = E[U(G,y1)Ui(G, y2) | F] (B.25)
= fz [ f u, )¢Js du_ f’L [ ¢os )
le/ / » Y1) 15 (U, Y2 H/ » Yk ) )
where

filu,y) :/[(]t]l e 1G(Uslvl,...,asiflvi_l,u,asiﬂviﬂ,...,Uslvl,y)d>('v)d'vds.

Remark B.7. The proposition is formulated for the approximations «f of the
increments of X. We remark that the result is still true in the finite dimensional
distribution sense if we replace ' by the increments A’ X. This follows by the same
arguments as the elimination of jumps step in Theorem B.13 and Proposition B.14.
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We will now state the main theorem of this section. After some approxima-
tion steps the proof will mainly consist of an application of the methods from the
previous section in combination with the continuous mapping theorem.

Theorem B.13. Let 0 < | < d and H : R? = R be a function that is even in
the first 1 arguments and can be written in the form H(x,y) = |z1["* - || x
ly1 |9 - [ya_i| %" L(x, y) for some function L € C4TY(RY) and constants p1, .. .,pi,
q1y---5qd—1 € R with 0 < p1,....,p; < 1 and q1,...,q4-1 > 3. We further assume
that L fulfills the same assumptions as in Proposition B.12. Then we have, for a
fized t >0

V(Y (H, X 1) = YilH, X))
d

L VIH X D= Y Z/ poy i1 (0, DX )duRy, + Uy(H, AXg) ).
kiTe<t j=it1” 02"

The limiting process is F-conditionally centered Gaussian with variance
E[(V'(H, X,1)¢)?F]
:Z( Zd: Vk(H,X,l,AXS)>2O'§+ Y C(AXs,, AX,,),
s<t  k=l+1 s1,82€[0,4]4!
where the function C is given in (B.25) and
Vie(H, X, 1,y)

— Z /O]lpakH Ou, AXg 1y AKX Yy, AKX, AX, ) du.
t

Sl+1 ,,,,, Sp—1<t

Furthermore the F-conditional law of the limit does not depend on the choice of the
sequence (Tx)gen-

Remark B.8. The result coincides with the central limit theorem in Section B.3
if I = 0, but under stronger assumptions. In particular the assumed continuity of o
yields that the limit is always conditionally Gaussian. We further remark that the
theorem also holds in the finite distribution sense in ¢.

Proof. In the first part of the proof we will eliminate the jumps in the first argument.
We split X into its continuous part X¢ and the jump part X¢ = § x p via X =
Xo+ X+ X% Note that X¢ exists since the jumps are absolutely summable under
our assumptions. We will now show that

Z Y (HWhAPX, A}X) — H(VnA} X%, A}X)) = 0.

'LEB"(Z)]EB" (d-1)

Observe that under our growth assumptions on L we can deduce

[L(x + z,y) — L(z,y)| < Ku(y 1+Z|lfﬁ|l” legl”] (B.26)
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This inequality trivially holds if ||z|| > 1 because ||L(z,y)| < u(y). In the case
|z]]| < 1 we can use the mean value theorem in combination with |z| < |z|P for
|z| <1and 0 < p < 1. Since we also have “xl + 2Pt — |z P | < |z|P for 1 <@ <[,
we have, with ¢ = (q1,...,q4—1), the estimate

[H(z + z,y) — H(z,y)| < Ku(y)[y|? )  Pm(z)z™

where P, € P(I) (see (B.3) for a definition) and the sum runs over all m =
(mi,...,my) # (0,...,0) with m; either p; or 0. We do not give an explicit formula
here since the only important property is E[Pp,(v/nAZX")9] < K for all ¢ > 0,
which directly follows from the Burkholder inequality. Because of the boundedness
of X and the continuity of w this leads to the following bound on &,:

Gl < (53 1a3x1) (N Y 3 Bu(vRA XY VALK ™).

jeBr(d—1) icBr(l) m

The first factor converges in probability to some finite limit, and hence it is enough
to show that the second factor converges in L' to 0. Without loss of generality
we restrict ourselves to the summand with m = (p1,...,px,0,...,0) for some
1 <k <. From [12, Lemma 2.1.7| it follows that

K
E[|ATXYYFia] < —  for all ¢ > 0. (B.27)
n n

Let 7 := max;<;<;p; and by (¢) := # {i1,...,4x} for ¢ = (i1,...,4;). Note that
the number of i € BJ(I) with by(i) = m is of order ™= for 1 < m < k. An
application of Holder inequality, successive use of (B.27) and the boundedness of
X gives

E(@ > PulVAATXO)VRAL XU V/RAT X )

nl
ieB2 (1)
nl/2+kr/2 R 1—r
<t Y (ElPm(vAarX9) )
€87 (1) Aoy 2
X (E{(\AZXd]pl...]A%Xd]pk>d+ D !
1/2+kr/2 ) 1/2+kr/2 K , )
< ”T Z n—bk(z)(3+r)/4SKnTZn—j(fi—‘rr)Mnj—i-l—k
i€Bp (1) j=1
k
_ Kzn(272k+(2kfj)(r71))/4‘
j=1

The latter expression converges to 0 since r < 1.
In the next step we will show that we can replace the increments A7 X of the
continuous part of X by their first order approximation o' = \/noi—1 ATW.
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Proposition B.14. [t holds that

Z > H(/nA}X® A7X)

ZEB”( ) j€BI(d—1)

_H >y H(a?,A;‘X)) 40

ieBr (1) jeBr (d—1)
as n — oQ.

We shift the proof of this result to the appendix. Having simplified the statistics
in the first argument, we now focus on the second one, more precisely on the process

1
Hn(H):\/ﬁ<— > Y H(ap,A}X) Z 3 a-,AXS)).
1€BR(l) jeBr(d—1) zeB”()se[O t]a-t
In the following we will use the notation from Section B.3. We split 6,,(H) into
On(H) = L, (m)0n(H) + Loyq,, (m)0n (H).

Since €, (m) <5 Q as n — oo, the latter term converges in probability to 0 as
n — o0o. The following result will be shown in the appendix as well.

Proposition B.15. We have the convergence

Q (m)n (H Z Z Z OH (o, AXs,)R(n, qr) — 0

zeB"(l) qeP! (m)d—1 k=1+1

if we first let n — oo and then m — oo.

Using all the approximations, in view of Lemma B.6 we are left with

d
Do > D KH(a},AXs)R(na) + Y UM(H,AXs)

i€B2 (1) qeP (m)d—1 k=l+1 s€[0,t]4-!
-y (173”( Z BP (9 H, AXs,)R(n, q) + Uy (H, Ang)).
geNd-1 k=141

The remainder of the proof will consist of four steps. First we use for all k¥ € N the
decomposition ®F(m) = ®F(m, k) + @} (m, k), where

d
OF(m, k) ==Y Lppgnya-i(q) > BP(OH,AXs,)R(n,qr) + Y UP(H,AXg,),
qise-qd—1<k k=l+1 geNd—!

i.e. we consider only finitely many jumps in the first summand. We will successively
show

lim limsup P(|®7(m, k)| > 1) =0 for all n > 0,

k—o0 n—oo

O (m, k) s ®y(m, k) asn — oo,
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for a process ®;(m, k) that will be defined in (B.30). Finally, with ®;(m) defined in
(B.33) we will show

®i(m, k) — di(m)  as k — oo, (B.28)
®y(m) — V'(H, X,1),. (B.29)
For (B.4) observe that we have Pj*(m) C P;(m) and therefore

]P’(](l:)?(m,k)\ > 17) <P({w:P(m,w) ¢ {1,....,k} }) >0 as k — oo,

since the sets Py(m,w) are finite for fixed w and m. For (B.4) recall that g was
defined by g(z,y) = |z1P* - - - || L(, y). By Propositions B.11 and B.12 and from
the properties of stable convergence (in particular, we need joint stable convergence
with sequences converging in probability, which is useful for the indicators below)
we have

([U?(.% ')v (B?(ajH’ '))?:H-l’ (AXSP)]?EN, (R(nap))pGNa (ﬂpf(m) (p))pGN)
— (Uilg, ), Be(05H, ))=p11, (AX, )pen: (By)pen, (1p,(m) (P))pen)

as n — oo in the space C[—A, A]@D x (C[—A, A]@=Dyd=l x /2 x RN x RN, where
we denote by 5124 the metric space

6124 = {(a;k)keN S 0 ’ \xk\ < Aforall k e N}
For k € N we now define a continuous mapping

o : C[—A, A0 x (C[-A, A D)t 2 x RN x RN - R

by
o(f, (9r) =L, (25)jen, (1)) jen, (25)jen)
k d
= Z 2t Zjaa Z 9r(Tjys -+ s Tjg_ )Yy,
Jisendd—1=1 r=Il+1
o0
+ Z |“Tj1’q1 ‘xjdfz‘qdflf(xha“"‘x]'dfz)'
JiseensJd—1=1

The continuous mapping theorem then yields
o7 (m, k) (B.30)
= ¢k(M?(97 ')a (B?(OTH7 '));jﬂlzl-&-lv (AXSp)p€N7 (R(nap))pEN7 (]lP{L(m) (p))pEN)

—= 61 (Us(g, ), Be(0rH, ))i—p11, (AX s, )pen, (Ry)pen, (1, m) (P))pen)
d

= > lpmei(@) D BudH AXs,)R(n, qy) (B.31)

q1se-3qd—1<k r=I+1
+ Z [Ut(Ha AXSQ)
qENdil
= ®,(m, k). (B.32)
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For k — oo we have ®;(m, k) == ®;(m) with

d
By(m) = > <1pt(m)d_l(q) 3" Bi(9,H,AXs,)R(n,q)
geNd—1 r=I+1 (B.33)
+ Y Ut(H,AXSq)>,

qud,l
i.e. (B.28). For the last assertion (B.29) we have

P(’(I't(m) - Vt/(H7 X,l)’ > 77)
< KE[(®:(m) — V{(H, X,1))*] = KE[E[(®:(m) — V{ (H, X,1))*|F]]

d
SKE[ Y D (1= Lp,uyat(K))[Be(0, H, AX5, )]
keNd—l r=[+1

d
SKE[ Y ) (1= 1pya-i(k))

keNd—lr=I+1

d—1
) _1\2
(IAXs, [% +[AXs, |%1)7.

=1

~

Since the jumps are absolutely summable and bounded the latter expression con-
verges to 0 as m — oo. [

B.5 Appendix

Existence of the limiting processes

We give a proof that the limiting processes in Theorem B.5 and Theorem B.13 are
well-defined. The proof will be similar to the proof of [12, Prop. 4.1.4]. We restrict
ourselves to proving that

Z /[Ot]l P81+1H(Um AXTk)dURkl (B.34)
k: T <t ’

is defined in a proper way, corresponding to Theorem B.13. For [ = 0 we basically
get the result for Theorem B.5, but under slightly stronger assumptions. The proof,
however, remains the same.

We show that the sum in (B.34) converges in probability for all ¢ and that the
conditional properties mentioned in the theorems are fulfilled. Let I,,,(t) = {n |
1<n<m,T, <t} Define

Z(m)t = Z / paHlH(O'u,AXTk)d’u,Rkl.
kelm(t)dfl [O»t]l

By fixing w € Q, we further define the process Z¥(m); on (', F',P') by putting
Z¢(m)(w') = Z(m)i(w,w"). The process is obviously centered, and we can imme-
diately deduce

2
E’(Zw(m)?) = Z ( Z / P81+1H<Uu7AXTk17AXTk)dU> O-%,ﬁ’
k1€ln(t) keln(t)d—t-1 [0,¢]!
(B.35)
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E/(eiuzw( H / WD ke 1, (tyd— 11 Jio,91 POy 1 H (0w, AX Ty SAX Ty )duRy, dP.
klel’m(
(B.36)

The processes X and o are both cadlag and hence bounded on [0,7] for a fixed
w € Q. Let now m,m’ € N with m’ < m and observe that I,,(t)?\ I (t)? C
I (T)I\1,y (T)4 for all ¢ € N and ¢t <T'. Since L and 01 L are bounded on compact
sets, we obtain

E[( sup \Zw(m)t—Zw(m’)t\)z]

te[0,7)

- E,Ktes[%,pﬂ ‘ kel (t)dzl\:l / P01 1 (0w, DXy, )du Ry, )2}

(> /W!pammAXdeuWJ

k€L (T)d—\I,, ,(T)d~!

< K(w)( 3

K€Ly (T)4 =\ (T) 4

2
(|AXTk1 ’qlil + |A)(Tk1 ’ql) ‘AXTIQ |q2 e |AXTk-d_l |qdil>

—0 as m,m’ — oo

for P-almost all w, since ) - <t |AX|P is almost surely finite for any p > 2. Therefore
we obtain, as m, m’ — 0o,

B( sup [Z(m), — Z(m)| > ¢)
te(0,t]

_ / P (sup |22(m)e — 24(m')] > ¢)dP(w) = 0

t€[0,T]

by the dominated convergence theorem. The processes Z(m) are cadlag and conti-
tute a Cauchy sequence in probability in the supremum norm. Hence they converge
in probability to some Fp-adapted cadlag process Z;. By the previous estimates we
also obtain directly that

Z%(m)y — Zg(w,-) in L, F,P). (B.37)

As a consequence it follows from (B.35) that
/Zt(w,w')2dP/(w/)
2 o
- Z < Z / palHH(au,AXsl,AX52,...,AXSd_l)du) o5,

$1<t  82,...,8q— 1<t

Note that the multiple sum on the right hand side of the equation converges abso-
lutely and hence does not depend on the choice of (7},). By (B.37) we obtain

E/<eiuZ°" (m)t) N E/<eiuZt(w,~)).
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Observe that for any centered square integrable random variable U we have
‘ /eiyU - 1d]P” <EU|y? forallyeR.

Therefore the product in (B.36) converges absolutely as m — oo, and hence the
characteristic function and thus the law of Z;(w,-) do not depend on the choice of
the sequence (7},). Lastly, observe that R,, is F-conditionally Gaussian. (In the case
of a possibly discontinuous ¢ as in Theorem B.5 we need to require that X and o
do not jump at the same time to obtain such a property.) So we can conclude that
Z%(m); is Gaussian, and Z;(w, -) as a stochastic limit of Gaussian random variables
is so as well.

Uniform limit theory for continuous U-statistics

In this chapter we will give a proof of Proposition B.12. Mainly we have to show
that the sequence in (B.24) is tight and that the finite dimensional distributions
converge to the finite dimensional distributions of U;. For the convergence of the
finite dimensional distributions we will generalize Proposition 4.3 in [18|. The basic
idea in that work is to write the U-statistic as an integral with respect to the
empirical distribution function

[nt

]
1
Fn(t,l’) = ﬁzl{ayﬁx}'
7=1

In our setting we have

1 n

i€B () R!
Of particular importance in [18] is the limit theory for the empirical process con-
nected with F},, which is given by

[nt

J
Gn(t,l‘) = Ln Z (]l{a?ﬁx} - (I)Uﬂ (x)>7
j=1 "

where ®, is the cumulative distribution function of a standard normal random
variable with variance z2. As a slight generalization of [18, Prop. 4.2] and by the
same arguments as in |12, Prop. 4.4.10] we obtain the joint convergence
(Gn(t,2), (R-(n,p), R (n,p))p=1) = (G(t,2), (Rp—, Rpi)p=1).

The stable convergence in law is to be understood as a process in ¢ and in the finite
distribution sense in # € R. The limit is defined on an extension (', ', P’) of the
original probability space. G is F-conditionally independent of (K, ¥n+)n>1 and
F-conditionally Gaussian and satisfies

BIG(a)|F] = [ T )V
E/[G(tl, .%'1)@(152, x2)|.7-'] - E/[G(tl, .’L‘l)‘f]E/[G(tg, x2)|.7-']

t1N\to . _
- / By (21 A 22) — By (21)Py, (2) — Do (1) B, (w2)ds,
0
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where @, () = E[V1j,y<z] with V ~ N(0,1). As in the proof of Prop. 4.3 in [18]
we will use the decomposition

! k—1 l
Up(Gy) = Y [ Glaw)Cultduy) [T Fult.do) I Al
k=1 m=1
v Y pelogymy) - / pc(0a.y)ds)
nl (G-1)/n 04 )

JEBR) [
l
ZZ (G,y)+ R"(y),
k=1

where

LntJ

Z (I)U(J 1)/n

From [18 Prop 3.2] we know that both Fj,, and F, converge in probability to
fo x)ds for fixed t and z. If G is symmetric and continuously differ-
entlable inax Wlth derlvatlve of polynomial growth, [18, Prop. 4.3| gives for fixed y

l l
Y Zp(Gy) Z (G, y)G(t, dxy) I Ft.dem) =) Zi(G,y). (B.38)
k=1 m#k k=1

We remark that the proof of this result mainly relies on the following steps: First,
use the convergence of F, and F, and replace both by their limit F, which is
differentiable in z. Then use the integration by parts formula for the Riemann-
Stieltjes integral with respect to G, (t,dxy) plus the differentiability of G in the
k-th argument to obtain that Z}'(G,y) behaves asymptotically exactly the same as
— [t OWG (2, y)Gp(t, 1) [Lnzk ' (¢, 2m)dx. Since one now only has convergence in
finite dimensional distribution of G,(¢,-) to G(t,), one uses a Riemann approxi-
mation of the integral with respect to dx; and takes limits afterwards. In the end
do all the steps backwards.

From the proof and the aforementioned joint convergence of G,, and the sequence
(R+(n,p))p>1 it is clear that we can slightly generalize (B.38) to

(20 (G ysisr, (R-(n.p), Re(n.p))y>))

) (B.39)
<5 (G yrrsts By Byt ).

where the latter convergence holds in the finite distribution sense in y and also for
non-symmetric, but still continuously differentiable functions GG. A second conse-
quence of the proof of (B.38) is that the mere convergence ZJ(G,y) —— Z(G,y)
only requires G to be continuously differentiable in the k-th argument if & is fixed.
To show that (B.39) holds in general under our assumptions let 1. € C*(R)

(e > 0) be functions with 0 < ¢ < 1, ¥(z) =1 on [—€/2,¢/2], () = 0 outside
of (—¢,€), and [|¢)!|| < Ke~! for some constant K, which is independent of . Then
the function G(x)(1 — ¥¢(xy)) is continuously differentiable in the k-th argument



78 Paper B

and hence it is enough to prove

lim limsupP(  sup  |Z;(G¥e,y)| >n) =0 (B.40)
e—0 n—oo ye[—A,A]d-1
ImP(  sup |Zp(GYe,y)| >n) =0 (B.41)

=0 ye[-A,A]d!

for all n > 0 and 1 < k <. For given k the functions v, are to be evaluated at xy.
We show (B.40) only for k = [. The other cases are easier since [}, is continuously
differentiable in z and the derivative is bounded by a continuous function with
exponential decay at oo since ¢ is bounded away from 0.

For k =1, some P € P(1),Q € P(I — 1) and z; # 0, we have

101G (2, y)vpe(@))| < KL+ |2~ Pla) Qs - i) + Klay [P faPre ™.

Since p; — 1 > —1 the latter expression is integrable with respect to x; on compact
intervals. Therefore the standard rules for the Riemann-Stieltjes integral and the
monotonicity of Fj, in x yield

sup | Z]"(Gve, y)|

ye[fAvA}d_l
-1
—  sw G, y)e(e0)Gn(t dzy) [] Flt, dm)|
ye[-A, A4t IR m=1
-1
- sw Gt 200G (@, y)be(w)day [] Fult. o)
ye[-A, A4t IR m=1

€ -1
/R K|Gn(t, z)|(1 + [z P())Q(x1, ... wi1)day [ [ Fult, dwm)

-1 J_

IN

m=1
. -1
+/ K|Gp(t, zp)||z1|Pt - - - |2 |Pre tday H E,(t,dxy,)
RI-1

—€ m=1

B /66K<nl1—1 Z Q(a?)>’Gn(tvxZ)|(1 + |z [P Py diry

ieBr(I-1)

€ 1 3
+/ K(F > \0‘?1’“"'!a?l_llpl‘l)\Gn(t,xz)llwzl”le L.
—€ ieBp(1-1)

We have E|a'|? < K uniformly in ¢ for every ¢ > 0. From [18, Lemma 4.1] it further
follows that E|Gy,(t,z)|? < K for all ¢ > 2. Then we deduce from Holder inequality

€

B( sw  (Z70(Guow)l) K [ (L)) + lnfe e,
ye[_AvA}dil —€

which converges to 0 if we let € — 0. We omit the proof of (B.41) since it follows
by the same arguments.

So far we have proven that (B.39) holds under our assumptions on G. Further-
more, we can easily calculate the conditional covariance structure of the condition-
ally centered Gaussian process 2221 Z(G,y) by simply using that we know the



B.5. Appendix 79

covariance structure of G(t,z). We obtain the form in (B.25); for more details see
[18, sect. 5].
Next we will show that

sup  |R"(y)| — 0 (B.42)
ye[_AvA]dil

as n — oo. Observe that pg(x,y) is C*! in the a argument. Therefore we get
R"(y) — 0 for any fixed y from [18, sect. 7.3]. Further we can write

R"(y) =v/n (PG (O ns)/n Y) — pclos,y))ds
[0,[nt] /n]!

+¢4/ mm%wm—/ p6(0ay)ds).
[0,¢]! [0,[nt]/n]!

The latter term converges almost surely to 0 and hence we can deduce (B.42) from

the fact that E|R"(y) — R™(y’)| < K ||y — y’||, which follows because pg(x,y) is

continuously differentiable in y and E(y/n|0|y) /n — oul) < K for all u € [0,t].
Therefore we have proven the convergence of the finite dimensional distributions

(UF (G, yi))iys (R (n,p), Ry (n,))p>1)) = (Ue(G,yi)iZy, (Rp—, Ry )p=1)-

What remains to be shown in order to deduce Proposition B.12 is that the limiting
process is indeed continuous and that the sequences Z}'(G, ) (1 < k < 1) are tight.
For the continuity of the limit observe that

E[[U(G,y) Ut(G y)I*| 7]

2
/ / fz u,y) fz'(%?}’))) Go,(u)du
- (;/R(fi(u,y) - fi(u7y/))¢gs(u)du>2ds

Here we can use the differentiability assumptions and the boundedness of o and
o~ to obtain

E[|U(G,y) — UG,y ] = E[E[UG,y) — UG,y )PIF < K [y —o/|*.
Since U(G, -) is F-conditionally Gaussian we immediately get

E[[U,(G.y) — UG, y)IF) < K, |ly — v'|]”

for any even p > 2. In particular, this implies that there exists a continuous version
of the multiparameter process Ui (G, -) (see [14, Theorem 2.5.1]).

The last thing we need to show is tightness. A tightness criterion for multi-
parameter processes can be found in [3]. Basically we have to control the size of
the increments of the process on blocks (and on lower boundaries of blocks, which
works in the same way). By a block we mean a set B C [~A, A]9~! of the form



80 Paper B

B = (y1,y1] X -+ X (Ya—1,y,_,;], where y; < y;. An increment of a process Z defined
on [—A, A]*! on such a block is defined by

1
Ap(Z)= Y (=D""=5 20y + itk —v1), - Yat + ey — Ya1)).

T1yeeny iq—1=0

We remark that if Z is sufficiently differentiable, then

Ap(Z)=01---041Z(&)(Wh — 1) - Yoy — Ya1)

for some & € B. We will now show tightness for the process Z;'(G,y). According
to [3] it is enough to show

E[[AB(Z](G, )] < K(h —y1)? - (Y — ya)?

in order to obtain tightness. As before we use the standard properties of the
Riemann-Stieltjes integral to deduce

BIAs(Z (G =E[( | An(Gl@)Cut.da T] Fiutt dry)) |

. [( 8 Ap(8,G(z,))Gn(t, z1)dz, ﬁ Fu(t, dwk))z}
k=1

(i — v})*
1

-1 l
1=

=F K /Rl 910111 - -+ 04G (@, §) Gy, 1) day kl;[l Fu(t, dmk))?

for some & € B. As it is shown in [18] there exists a continuous function 7 : R — R
with exponential decay at oo such that E[G,,(¢,z)%] < v(x). Using the growth
assumptions on L we further know that there exist P € (1) and Q € P(I — 1)
such that

yalaprl ce 8dG(:IJ,E)‘ S K(l + ‘xl’pl_l)P({BZ)Q(xl, PN ,xl,l)

and hence

-1
E [( . 8lal+1 e OdG(m, f)(@rn(t, xl)dl‘l kl:Il Fn(t, dwk))Q}

2
1 )\ 2 _
< KE[/2 (F Z Qo )) (H(1+ ;[P P(uy) |Gy (t, w)])duldug}
R i€Br(I-1) j=1
<K
by Fubini, the Cauchy-Schwarz inequality, and the aforementioned properties of

Gn(t,z). The proof for the tightness of Z(G,y) (1 < k <[ —1) is similar and
therefore omitted.

Proofs of some technical results

Proof of Proposition B.7. We will prove this in two steps.
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(i) For j > 0 consider the terms ¢} ;(m) and 5,?]-(771), which appear in decompo-
sition (B.12). Since X is bounded and Pj*(m) a finite set, we have the estimate

max([¢f;(m)], |G (m)]) < K(m)yan™ >~ [ALX (m)P---|AL X (m)]P.
ieBr (I—k)

y (B.7) we therefore obtain

E(La,, (my(IC8;(m)] + [CE;(m)])) = 0 as n— oo.

In the case k > 0 we have

G m)| < K(m)van 7% 3" R(m,p)P Y [AFX (m)P,

pEPP (m)* i€Br (I—k)
Since (R(n,p)) is bounded in probability as a sequence in n, we can deduce
e P
Lo, m)lCrj(m)| — 0 as n — cc.

Furthermore, in the case j = k = 0, we have (fy(m) = g:(’io(m).

(ii) At last we have to show the convergence

-1
lim limsup P(1g, (m) |Z (Cho(m) = ¢i(m))| >n) =0 forall 7 >0.

m—00
n—00
k=1

First we will show in a number of steps that we can replace AXg, + %R(n, p) by
AXg, in (} ,(m) without changing the asymptotic behaviour. Fix k € {1,...,1 —1}.
We start with

AN Vn !
‘<k> Cro(m) = G > >
pePP (m)k—1 i€ BY (d—k)
PREPP (m)

1
H(AXSP + —=R(n,p), AXs,,, A;?X(m)))

LD

R(n, Pk)
ey oy

= | pdl

pePP(m)k—1 ic B} (d—k)

pREPF(m)

1
8kH(AX5p + e R(.p), AX, . A?X(m))du

<|K Z |R(n, pr)| sup (|AXs, +ul’+|AXs, + Pt

[R(n,pg)|
\u\,|v\§T’€

pEP(m)k—1
PR EPL(m)

k—1

AXg 4 Do) T 1A% X )P
><r1_[1‘ spr—i-\/ﬁ‘ Z H] i X(m

i€BP(I—k) j=1
=: KO (m) x ®5(m).
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The first factor ®7(m) converges, as n — oo, stably in law towards

k-1
ei(m)= Y IR l(IAXs, [P +]AXs, 7Y []1AXSs, .
PEPy(m)k—1 r=1

P EPt(m)
By the Portmanteau theorem we obtain

lim sup P(|®7(m)| > M) < P(|®;(m)| > M) forall M € Ry,

n—0o0

whereas, as m — oo

_ k—1
P _
B1(m) L (} jrAXs\p) S Ry (|AXs, [P+ |AXs, P,
s<t PLEP:

So it follows that

lim limsup limsup P(|®7(m)| > M) = 0.

M—o00 m—oo  n—oo

Furthermore

lim limsup E(1q, (m)®3(m))

m—o0 n—00

-k
> 11 |A;;X(m)|2> =0

ieBy (1—k) j=1

< Jim_ tmoww B

by Lemma B.2. We finally obtain
lim limsupP(Lq, ()| ®7 (m)®5(m)| >n) =0  for all n > 0.

m—o0 Nn—0o0
Doing these steps successively in the first £ — 1 components as well, we obtain

l _1
lim limsup P(lﬂn(m)‘ <k> Cro(m) — GZ(m)’ >n)=0 forallp>0

m—0o0 N—o0

with
opm) =2 YY) (AXSP,AQX(m)>.

pGPt(m)k 1eB} (d—k)

By the same arguments as in the proof of the convergence 1 (m)\IJ”( m) ~50in
Section B.3 we see that we can replace the last d—I variables of H in 1q,, ()0} (m) by
0 without changing the limit. So we can restrict ourselves without loss of generality
to the case | = d now and have to prove

lim limsup P(1g, (m)|Ok(m)| >n) =0 (B.43)

m—=00 n—oo

with

SN ( 3 H(AXSP,A?X(m)>

peP(m)k  i€B}(d—k)

- ¥ H(AXSP,AX(m)S)).

SG(O, Lnt] }d—k
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Since

> AXg, P <Y |AXP

qEP(m) s<t
is bounded in probability, we can adopt exactly the same method as in the proof of
Lo, (m)¥5(m) — 0 to show (B.43), which finishes the proof of Proposition B.7. [

Proof of Proposition B.14. We will only show that we can replace /nA’X¢ by af
in the first argument, i.e. the convergence of

LntJ

EONDINDY

k=1 ieBy(1—-1) jeBY (d—1) (B.44)
(H(\/EA’,;‘XC, VIARXC, ATX) — H(af, v/nAPX®, A;-‘X))

to 0 in probability. All the other replacements follow in the same manner. Define
the function g : R? — R by g(w, x,y) = |w[P' L(w, z,y). In a first step we will show
that, for fixed M > 0, we have

1 [nt)

— su AP X©, gla, z =50, B.45
\/ﬁz”<pM;( g(Vn z) — g(a}, z)) — ( )

where z = (z,y) € R~ x R4, Note that our growth assumptions on L imply the
existence of constants h, k', h” > 0 such that

w#0 = |og(w,z,y)| < Ku(y)(1 + ||(w,2)]") (1 + [w]* )
(B.46)
w#0,|z| < |w|/2 = |31g(w—|—z,m,y)—Glg(w,m,yﬂ
< Ku(y)|2|(1+ [[(w, 2)[|"” + [2") (1 + [w]"~2)

9(w + z,2,y) — g(w,z,y)| < Ku(y)(1 + || (w, )"z (B.47)

The first inequality is trivial, the second one follows by using the mean value the-
orem, and the last one can be deduced by the same arguments as in the derivation
of (B.26). In particular, for fixed x,y all assumptions of [12, Theorem 5.3.6] are
fulfilled and hence

[nt]
L max Y (g(VAARX®, 2) — glo}, 2)) <0,

\/ﬁ zEKm(M) i

where K,,(M) is defined to be a finite subset of [~M, M]9~! such that for each
z € [-M, M]?! there exists 2’ € K,,(M) with ||z — 2’| < 1/m. In order to show
(B.45) it is therefore enough to prove

[nt]
Z (g(\/ﬁAZXcv zl) - 9(0/137 zl)

T (gWRARX® z2) — glaf, )| 5 0

— sup

VI (21,2l <M

21 —=2lI<1/m

: |

if we first let n and then m go to infinity.
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Now, let 8} = \/nALX® —af and B} = {|6}}]| < |a}|/2}. Clearly, g is differen-
tiable in the last d — 1 arguments and on B}’ we can also apply the mean value
theorem in the first argument. We therefore get

Lgp (9(VnAEXE, z1) — glag, z1) — (9(VnAE X", z2) — g(ag;, 22)))
d ,) .
=3 Lphdi9 (e ) (5 — =17 )R
=2

where Xjk 18 between /nA}X¢ and af and 5?7,{ is between z; and zo. zgj )
for the j-th component of z;. We have [010;g(w,2)| < pi|w|P*~18;L(w, )| +
|w[P1|010; L(w, z)| and therefore the growth conditions on L imply that there exists
q > 0 such that

stands

10199(w, 2)| < Ku(y)(1 + [wP =) (1 + || (w, z)||).

On By we have [x7,| < 3|af|. From ||z|| < M we find

[nt] 2
1 .
—E > gy (-1 ARXC z) — g(al, z;
NG (“(zléia‘gﬂi 2 By j:1( Y g(VnARXC, zj) g(ak,z]))D

lz1=22ll<1/m
Lnt]

K(M
< KOD S g (1 + lof 1) (1 + ol + [VRALX ) 671).
k=1

< o

By Burkholder inequality we know that E((1 + |af|? + |\/nAPX¢|9)") < K for all
u > 0. Since o is a continuous semimartingale we further have E(|o7[*) < Kn~%/2
for u > 1. Finally, because o is bounded away from 0, we also have E((|a}[P*~1)*) <

K for all w > 0 with u(1 — p;) < 1. Using this results in combination with Holder
inequality we obtain

[t
K(M) 1 K(M)
E((1+ a1 + |a}|? AFXC|)|607]) <
\/ﬁm; (( +lag (A + lag|? + [VnAg |)|k|>_ o

which converges to 0 as m — oc.
Now we focus on (B2)C. Let 2 < j < d. Observe that, similarly to (B.26), by
distinguishing the cases |z| <1 and |z| > 1, we find that

0;L(w + 2z, 2,y) — O; L(w, x,y)| < K(1+ [w]777)[z[7.

We used here that ||(z, y)|| is bounded and the simple inequality 1+a+b < 2(1+a)b
for all @ > 0,b > 1. From this we get

10j9(w + z,2,y) — 0j9(w, z,y)|
< Hw—kz|p1 — \w|p1‘|8jL(w+z,a:,y)\
+ wP'|0;L(w + z,x,y) — 0 L(w, z,y)|
< K (14 w]f) (|27 4 [2])
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for some ¢ > 0. Recall that v; < 1 and ; + p1 < 1 by assumption. For some &

between z%j ) and zéj ) we therefore have

[nt]

1 ( i1
Y (. \Zﬂ<3n>c2 1 g VRALX ) ~ g(af =)
va ey A =1
: Ty
:E< sup
v it e
Lape (Qua(VAOX, )~ Dy9(a )5~ o))
k(M) g el i L oo
< > B (Lo (1 okl [VAALX) (BT + B
k=1
< EQ0) ME(H (14 Ja e+ fvmapxen (L Ty
~ Vnm =1 (B)° “ 2k lag[t=m ||t (ste)
- K1)
m

by the same arguments as before, and hence (B.45) holds. For any M > 2A we
therefore have (with ¢ = (q1,...,q4-1))

it
RSO DD DENED DI FTI st o

k=14ieBp (I—1) jEBP (d—1)

x (H(\/HAZXC, VIARX®, ATX) — H(af, VAA}X®, A;X)) ‘

1
<o X X VRGP [Vad X |AGX])
ieB (1-1) jEBY (d—1)
|nt|

x‘\lfsup Z VRALXC z) — g(aﬁ,z))’

z||<M .

The first factor converges in probability to some finite limit, and hence the whole
expression converges to 0 by (B.45). In order to show (B.44) we are therefore left
with proving that

meJ

DM DEED DR RS

k=14ieBp (I—1) jEB (d—1)

x (H(\/HAZXC, VAP X AYX) — H(of, vVnAFXe, AZX ))

converges in probability to 0 if we first let n and then M go to infinity. As before
we will distinguish between the cases that we are on the set B}’ and on (B,?)C. Let
p = (p2,...,p;). With the mean value theorem and the growth properties of 01g
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from (B.46) we obtain for all M > 1:

[nt]

Y S e

k=14ieBy(i-1) jeBp (d—1)
x (H(\/HAZXC, VIALX®, ATX) — H(af, VRA}X®, A;?X)) ]

Lnt]
§K< > \AnX|q)\FZ > [VnApxe \p]l{HfAanH>M}

JjEB(d—1) k=14eBp (1)
x (14 [af|" + [VRARX " + || VaAPXe||™) (1 + g7 —1) (67|

(K 3 1ax)9)

jeBr(d—1)

1 nyc|p nyc|lh
(o X Uvmspxeoan VRALXP [[Vaa x| )
ieBr(1-1)
[nt]

1 n nyc n — n
x (ﬁ ;(H o " + WnARXM) (1 + |ap P! 1);@\)

=: A, B,(M)C,,

IN

where we used M > 1 and 1+ a + b < 2(1 + a)b for the final inequality again. As
before, we deduce that A,, is bounded in probability and E(C),) < K. We also have
E(B,(M)) < K/M and hence

lim limsupP(A,B,(M)C, >n)=0

M—oo n—oo

for all n > 0.
Again, with (B.47), we derive for M > 1:

[nt]

Y Y Y Lumapreeantene

k=14eB}(I—1) By (d—1)
X (H(\/EA”XC, VRALXC, ATX) — H(a},V/nALXC, AgX)) ‘

L”tJ
Z Z Z ]l{H\/ﬁA;’X”||>M}H(BZ)C‘A?X‘q‘\/ﬁA?Xc‘p

k=14ieBp (1—1) jEBP (d—1)

< ol + 0. VAATXC, ATX) — glof, VAAEX, AFX)|

gK( 3 \AgX\q)

FEBY(d—1)
1 g 1"
(3 Ujmapxepan VAP [Vrarxe|™)
i€B(1-1)
1 w
< (7 22 et + ok )
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gK( 3 |A7;X\q)

JeB}(d—1)

1 nyc|p nyellh’
(o X Umsexean VAATXP [Vaa x| )
1eBy(1-1)
|nt)

(fz (1+ o ")z~ 671).

For the last step, recall that we have the estimate [07|17P* < K|a?|17P! on the set
(BM)C. Once again, the final random variable converges to 0 if we first let n and

then M to infinity. O

Proof of Proposition B.15:. We will give a proof only in the case d = 2 and [ = 1.
We use the decomposition

Loy, (m)On(H)
_ Zatm) (%H A -S° S HahAx( )
= a oy, m)s
v ij=1 i=1 jcLnt]

[nt)

Lo, (m .
- ‘z/%)z Y H(a},AX,)

=1 LntJ< <t

[nt]

DY

1= lpe’Pt )
{H(op, AXs, + 072 R(n, p) — H(ol,n Y2R(n,p)) }
| Lot

— ]lQ" Z Z ,AXSP)

=1 peP}(m)
=:9S><H>—9;>< ) + 017 (H) — 051 (H).

In the general case we would have to use the decomposition given in (B.12) for the
last d — [ arguments. We first show that we have

lim limsupP(|0V(H)| >n) =0 forall n>0.

m—0o0 N—0o0

We do this in two steps.

(i) Let ¢y be a function in C*°(R?) with 0 < ¢y < 1, ¢ = 1 on [k, k]?, and ¢}, =
0 outside of [—2Fk, 2k]%. Also, let § : R? — R be deﬁned by g(z,y) = |y|? L(x,y)
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and set Hy, = ¢ H and g = ¢rg. Then we have

00 ()|
Lo, oy 24 [t
= |2 w2l |p1(zgk o AFX(m) = 2 Gilal, AX(m),))|
s<\-"—ntJ
I, (m |t |t
<|=5r > lo Z|P1(ngomx D= D G(0,AX(m),)))|
sgﬂ

[nt]

|_nt
+ |1 LS lat / Ougi(u, A7 X (1)) du

- Z/ O1gx(u, AX (m ))du)‘

s< 2L [ntJ

[nt] [nt]

Z|a \p1><\/ﬁlgn(m)’ng(O,A?X(m))— 3" (0, AX (m),)

)

j=1 s<%
LntJ
Zra ) (16,0 / Vi
[nt]
x’Z@lgkuAX ZalgkUAX( )s) >7

j=1 o< Intl
- n

which converges to zero in probability by Lemma B.3, if we first let n — oo and

then m — oo, since
Lnt

fz‘a P

is bounded in probability by Burkholder inequality.

(ii) In this part we show

lim lim limsupP(|0V(H) — 6 (Hy)| > n) =0 forall 5> 0.

k—oom—00 n oo

Observe that we automatically have |A X (m)| < k for some k large enough. There-
fore,

087 (H) — 03 (Hy)|
= Y (H(ap, A7X(m)) ~ Hy(o}, A7X(m))|
=

1o (m Lnt] ) .
51;7% ) Z ﬂ{|a"\>k}’H (o', AT X (m)) — Hi(o 7AjX(m))‘

’Ljf
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[nt]
~ Vn z‘z,j1ﬂ{a?|>k}‘ (a7, A (m))‘

<D Ljarsa} (L [ ) (A7 X ()|

Vin ij=1
K [nt] |nt]
< () (i S
= J
[nt] 1 [nt] 1 [nt]
(Zl{\a”bk}) < Z( +|ag|p1)2>z(ﬂgn DA (m "h)

7j=1
Now observe that we have

[ nt]

(10 Z{A“X ") L Do lAx,

s<t

if we first let n — oo and then m — oo. Further we have

[nt]
1
BL S (4 oz < K
=1

by Burkholder inequality and finally

[nt] [ nt] [nt]

(‘ Zﬂ{la”bk}‘ ” 77) = E(Zl{lanbk}) ; E[;Z}; i < ?717; -0,

as k — oo. For 0,(12)(H) we have

Lnt]
0% (H WZ Y (A [afP)AX " u(AX,)
=1Lt o<t

[nt]
< a+hr) (v X jaxe) Do,

=1 Lnt) <oy

since the first factor is bounded in expectation and the second one converges in
probability to 0 (see (B.19)). For the second summand of o (H) we get

[nt]
PSS (et RO
= lpe’PgL )

[t
1 n R(n,p)n
< (5 > (o Ipl)) (ﬂgn(m) > ’7%

i=1 pEP (m)

)Lo
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as n — 0o because the first factor is again bounded in expectation and since
(R(n,p))nen is bounded in probability and P;'(m) finite almost surely. The re-

maining terms are oY (H) and the first summand of oY (H), for which we find by
the mean value theorem

[nt]

Lo, Z 3 { (o, AXg, +n Y?R(n,p)) —H(a?,AXSP)}
1=1 peP}(m)
HQ (m [nt]
> > %H(a},AXs,)R(n,p)
1=1 peP}*(m)
[nt]
( n(m) Z Z (02H (of ,AXg, + &' (p)) —aQH(a?,AXSp))R(n,p))
i=1 pePp(m)

for some £(p) between 0 and R(n,p)/+/n. The latter term converges to 0 in prob-
ability since we have |92 H (z,y)| < (1+ |2|9)(Jy|" + |y|2 1 + |y|7~2)u(y) for some
g > 0 by the growth assumptions on L. Therefore,

1 " [nt]
[~ ST ST (@l (af, AXs, +€1(p)) — BaH (0, AXs,)) RO p)|

i=1 pePy*(m)
[nt]

Lo
—[FR ST S owH (o} AXs, + € >)s?<p>R<n,p>\
=1 peP}(m)
| Lt
< <E ;(1+ P )pd; g1 Enp)F 250,

where 51” (p) is between 0 and R(n, p)/+/n. The last inequality holds since the jumps
of X are bounded and |£]'(p)| < |R(n,p)|/v/n < 2A. The convergence holds because
R(n,p) is bounded in probability and P;(m) is finite almost surely. O
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